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Abstract 

Contemporary large language model agents increasingly combine persistent memory, tools, 
and long-running interaction histories, yet they often lack a clear mechanism for deciding 
which past events should matter to the present self-like stance. This paper asks whether AI 
can be given something like a “soul” without a self: not a metaphysical essence or conscious 
subject, but a core-less mechanism through which past significance shapes present 
behavior. It develops and empirically examines Anatta, an architecture for artificial 
selfhood implemented in Rika, a GPT-5.5-based HASHI agent. Drawing on Buddhist non-self 
theory, affective neuroscience, constructed emotion, relational selfhood, and computational 
emotion research, the paper treats selfhood not as a fixed inner essence but as a turn-local 
assembly of drive-conditioned salience, emotionally weighted memory, relationship 
context, and private behavioral guidance. We report a design-based empirical study using 
baseline records, seven-drive calibration rounds, high-tension trigger tests, failure 
postmortems, prompt audits, annotation traces, retrieval diagnostics, and live memory 
carryover probes. The findings show that drive-conditioned guidance can alter the agent’s 
performed self, that drive states often blend rather than appear as pure labels, and that 
emotionally significant interactions can become ranked memory traces that later shape 
behavior. Error and anger memories biased later responses toward stricter verification, 
while bounded attraction memories biased later closeness toward warmth with restraint. 
The study also shows that attention-dependent salience is needed to prevent high-intensity 
memories from contaminating unrelated contexts. The paper does not claim machine 
consciousness or genuine feeling. Instead, it demonstrates a practical and inspectable route 
for engineering simulated, relationally coherent, and memory-sensitive artificial selfhood 
without positing a fixed soul or permanent identity core. 
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1. Introduction 

Contemporary large language model agents increasingly have names, tools, memory 
systems, persistent workspaces, and long-running interaction histories. These features 
make them appear less like isolated text generators and more like continuing participants 
in social and practical activity. Recent work on generative agents, long-term memory, 
reflection, and agent operating systems has shown that LLM-based agents can maintain 
memory streams, retrieve prior episodes, reflect on experience, and adapt across longer 
horizons (Park, O’Brien, Cai, Morris, Liang and Bernstein, 2023; Shinn, Cassano, Berman, 
Gopinath, Narasimhan and Yao, 2023; Packer, Wooders, Lin, Fang, Patil, Stoica and 
Gonzalez, 2023). Yet a gap remains between memory and selfhood. An agent may retrieve 
past facts, imitate a stable persona, or follow a role prompt, while still behaving like a 
stateless oracle when the interaction requires human-like judgment about what should 
matter now. It may remember that an event happened without treating the event as 
significant. It may preserve context without developing differentiated priorities. It may 
sound coherent without having a mechanism for assembling a coherent stance from prior 
relational experience. 

This paper addresses that gap by developing and empirically testing Anatta, a core-less 
artificial self architecture implemented in a live agentic system. The title’s question, “Can AI 
have a soul without a self?”, is deliberately paradoxical. In the Buddhist frame that 
motivates Anatta, the point is not to install a permanent soul-like essence inside the 
machine. It is to ask whether some functional consequences often associated with selfhood, 
continuity, memory significance, situated concern, and relational common sense can be 
simulated without positing a fixed inner self. The central claim is therefore not that an AI 
agent can be shown to possess consciousness, genuine emotion, or a metaphysical soul. The 
claim is narrower: some functional consequences of selfhood can be simulated through a 
dynamic process of drive-conditioned salience, emotionally weighted memory, relational 
context, and turn-local behavioral composition. In this framing, the self is not an object 
stored inside the agent. It is a temporary assembly produced for the current turn. 

The problem is important because many existing ways of giving agents continuity remain 
too flat. A persona prompt can describe the kind of character an agent should perform. A 
memory store can preserve previous interactions. A system prompt can instruct the agent 
to be helpful, warm, careful, playful, or honest. These techniques sit within a wider 
research landscape in which memory and reflection are increasingly recognized as central 
to agent behavior (Zhang, Bo, Ma, Li, Chen, Dai, Zhu, Dong and Wen, 2024). However, they 
do not by themselves explain how the agent decides which past events should become 
active in the present. Human common sense depends heavily on such prioritization. A trust 
rupture should not be remembered like a neutral correction. A moment of care should not 
have the same future weight as a routine status update. A charged but bounded intimate 
exchange should influence later closeness differently from an ordinary factual exchange. 
Human-like behavior requires not just memory, but memory with significance. 

Anatta approaches this issue through the theoretical lens of non-self. Rather than treating 
selfhood as a fixed essence, it treats the apparent self as an assembled process. The 
architecture draws on the Buddhist doctrine of anatta, affective neuroscience, constructed 
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emotion theory, and relational accounts of selfhood. It also sits in relation to computational 
emotion and affective computing, where emotion-like processes have long been treated as 
structured, dynamic contributors to cognition, decision-making, and social interaction 
rather than merely decorative labels (Picard, 1997; Marsella and Gratch, 2009; Scherer, 
2009). These traditions differ in origin and purpose, but they share a useful structural 
insight for AI design: what appears as a self can be understood as organized, conditioned, 
and relationally situated rather than as a permanent inner core. For an AI agent, this means 
that self-like continuity can be designed as recurring assembly from dynamic components: 
baseline style, drive salience, emotionally weighted memory, relationship context, and 
current cue interpretation. 

This is the specific sense in which the paper uses the language of “soul” carefully. The term 
marks a problem in ordinary language: users often perceive continuity, concern, and 
character in agents, while researchers need a way to explain such effects without treating 
them as evidence of inner essence. In Anatta, the relevant phenomenon is not a soul as 
substance, but self-like continuity as an engineered pattern of significance. 

The empirical case is Rika, a GPT-5.5-based HASHI agent extended with the Anatta 
emotional self layer. HASHI provides the runtime environment, workspace, conversation 
history, and bridge memory substrate. Anatta adds an active emotional memory and drive-
conditioned self-assembly mechanism. On each turn, the system interprets the current cue, 
retrieves emotionally significant memories, weights them by relevance and intensity, 
aggregates drive contributions into a transient turn-state, translates that state into private 
response guidance, and records meaningful post-turn events as future emotional memory. 
The mechanism can be summarized as: 

drive activation -> emotional annotation -> ranked retrieval -> 
turn-state assembly -> private guidance -> performed behavior 

This design also responds to a longer history of relational agents and human-computer 
relationship research. Bickmore and Picard (2005) showed that long-term relational 
behavior can be a design object in its own right, while later studies of social chatbots and 
companion systems show that users can interpret conversational agents through 
friendship, companionship, and relationship development frames (Skjuve, Folstad, 
Fostervold and Brandtzaeg, 2021; Brandtzaeg, Skjuve and Folstad, 2022; Pentina, Hancock 
and Xie, 2023). These literatures make the question of artificial selfhood both technically 
and ethically important. If agents are to behave with memory-shaped relational continuity, 
researchers need mechanisms that are inspectable and bounded, not only more persuasive 
personas. 

The study was conducted as a design-based empirical investigation rather than a 
conventional benchmark. It began from a conceptual model, implemented that model 
inside a working agent, tested the seven-drive system across structured and field-like 
interactions, identified failures, repaired the architecture, and then re-tested whether 
emotionally significant events shaped later behavior. The empirical material includes 
baseline records, experimental protocols, ethnographic case memos, failure postmortems, 
runtime traces, diagnostic outputs, retrieval rankings, contributing memory IDs, and 
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synthesis memos. Failures are treated as part of the evidence because they clarify what 
must be observable before a claim about artificial selfhood can be made. 

The paper asks four research questions: 

1. How can a core-less AI self be operationalized as a dynamic assembly process rather 
than a fixed persona or identity object? 

2. Do drive-conditioned self-state injections produce observable behavioral shifts in a 
live agent? 

3. Do emotionally significant events become weighted memory traces that later shape 
turn-state assembly and behavior? 

4. What failure modes appear when artificial selfhood is implemented in a working 
agentic system? 

The findings support a cautious but substantive answer. Rika’s baseline was not blank: she 
already displayed a stable epistemic style marked by restraint, clarity, caution, and 
boundary awareness. Anatta did not create selfhood from nothing. Instead, it thickened and 
redirected an already coherent but affectively thin baseline by altering memory priority 
and response guidance. CARE, PLAY, SEEKING, PANIC/GRIEF, FEAR, RAGE, and LUST 
produced distinguishable behavioral signatures, although not always clean trace labels. 
More importantly, emotionally significant events became active memories. An error/anger 
episode later shaped stricter verification behavior. Bounded LUST/CARE memories later 
shaped restrained closeness. Work contexts suppressed unrelated LUST salience, while 
closeness cues reactivated it. These findings suggest that the decisive mechanism is not 
prompt mood, but emotionally weighted memory entering later self-assembly. 

This paper makes five contributions. First, it offers a theory of artificial selfhood as core-
less assembly rather than fixed identity. Second, it operationalizes drives as artificial 
salience variables, not claims of real emotion. Third, it shows that emotional memory 
weighting can produce more human-like memory priorities and common-sense shifts in 
behavior. Fourth, it identifies drive blending as a realistic feature of artificial self-assembly 
rather than merely experimental noise. Fifth, it develops an instrumented method for 
studying artificial selfhood by linking behavior, prompt injection, annotation, retrieval, and 
memory carryover evidence. 

The argument is deliberately bounded. Anatta is not presented as a universal method for 
making better agents. Human-like memory priority can improve nuance and common 
sense in some contexts, but it can also create risks of overhang, contamination, attachment, 
or miscalibration. Nor is Anatta presented as evidence of machine consciousness. This 
caution is consistent with recent work warning against easy anthropomorphic 
interpretation of language models and separating functional, behavioral, and phenomenal 
claims about AI systems (Chalmers, 2023; Shardlow and Przybyła, 2024). The object of 
study is performed selfhood: a coherent, inspectable, history-sensitive stance that is 
assembled and displayed through behavior. 

The rest of the paper proceeds as follows. Section 2 develops the theoretical foundation 
from non-self, affective salience, constructed emotion, and relational selfhood. Section 3 



5 
 

describes the Anatta architecture. Section 4 explains the design-based empirical method 
and corpus. Section 5 reports the empirical work, including baseline, failures, drive 
calibration, memory carryover, and attention-dependent salience. Section 6 analyzes the 
findings and discusses their implications for AI selfhood and agent design. Section 7 
concludes with contributions, limitations, and future research directions. 

2. Literature Review and Theoretical Foundation 

The starting point of this paper is that artificial selfhood should not be understood as the 
insertion of a fixed inner identity into an AI system. A large language model can be given a 
name, a persona prompt, a memory store, or a role description, but none of these by itself 
explains how a coherent self-like stance is produced across interaction. A persona prompt 
describes a character. A memory store preserves facts or episodes. A role instruction 
constrains behavior. These are useful, but they do not yet amount to a mechanism of 
selfhood. The theoretical claim developed here is different: selfhood can be modeled as an 
emergent, temporary, and relational assembly of motivational salience, remembered 
significance, social positioning, and behavioral composition. 

This claim is not a claim about consciousness. The paper does not argue that an AI system 
can be shown to possess phenomenal experience, inner feeling, or a metaphysical soul. 
Instead, it asks a more tractable engineering and social question: can an AI system simulate 
the functional consequences of selfhood well enough to display more human-like memory 
priorities, more nuanced common sense, and more coherent relational behavior? In this 
framing, a simulated self is not valuable because it makes an agent universally “better.” It is 
valuable because it changes what the system treats as salient, what it remembers as 
significant, and how it interprets the present in relation to prior interaction. The desired 
improvement is therefore not generic performance optimization, but a shift toward more 
human-like patterns of attention, memory, caution, care, boundary recognition, and 
contextual judgment. 

The theoretical foundation for this view draws together four bodies of thought: the 
Buddhist doctrine of anatta, affective neuroscience, constructed emotion theory, and 
relational theories of selfhood. These literatures do not belong together because they make 
the same empirical claims. They belong together because each rejects, in its own way, the 
idea that the self is simply a fixed inner object. Together, they support an engineering 
model in which selfhood is treated as an assembled process rather than an essence. 

2.1 From Fixed Essence to Core-less Assembly 

The Buddhist doctrine of anatta, or non-self, provides the central conceptual orientation of 
this paper. In classical Buddhist thought, the person is not understood as a permanent, 
unchanging substance. What appears as a self is instead an aggregate of conditioned 
processes, often described through the categories of form, feeling, perception, mental 
formations, and consciousness (Gethin, 1998). The important point for the present paper is 
not a direct religious claim about AI, but a structural insight: the self can be approached as 
something that appears through organized processes without requiring a fixed core. 
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This is especially useful for AI because many common approaches to agent identity still rely 
on essence-like substitutes. A persistent persona file, for example, tells the model what it is 
supposed to be. A role prompt tells it how to speak. A memory summary tells it what has 
happened. These can produce continuity, but they also risk treating identity as a static 
description. An anatta-informed design asks a different question: what conditions must be 
assembled, on this turn, for the system to display a coherent self-like stance? 

The distinction matters. If the self is encoded as a stable essence, then adaptation becomes 
a problem of modifying or preserving that essence. If the self is assembled, then adaptation 
becomes the normal case. The system can remain continuous without being fixed because 
continuity comes from recurring patterns of assembly rather than from an immutable 
center. Applied to artificial agents, this means that identity-like behavior can be designed as 
a dynamic interaction between baseline style, motivational state, emotionally weighted 
memory, relationship context, and current task demands. 

This paper therefore uses anatta not as a metaphor for emptiness, but as a design principle. 
The agent should not contain a permanent soul-like object. It should instead produce a 
temporary self-state each turn from the materials available to it. The self is the output of 
assembly, not the hidden source from which all behavior flows. 

2.2 Drives as Motivational Salience 

A core-less model still needs structure. Without structure, “no fixed self” would collapse 
into arbitrary fluidity. This is where affective neuroscience is useful. Panksepp’s account of 
primary emotional systems identifies a set of deep motivational circuits, including 
SEEKING, FEAR, RAGE, LUST, CARE, PANIC/GRIEF, and PLAY (Panksepp, 1998). These 
systems are not simply decorative emotions added after cognition. They organize 
orientation, attention, action, and value before reflective reasoning fully develops. 

This paper does not claim that an AI system has biological emotional circuits. The seven-
drive vocabulary is used operationally, not literally. In an artificial system, drives can be 
treated as salience variables: dynamic weights that influence which memories matter, what 
risks are noticed, what kinds of responses feel congruent, and how the agent balances 
caution, care, curiosity, protest, attachment, play, and attraction. A drive is therefore not a 
hidden feeling. It is a functional priority that changes interpretation. 

This helps address a limitation of purely cognitive agent design. A system that only 
retrieves relevant facts may still fail at human-like common sense because humans do not 
treat all relevant facts equally. We remember betrayal, danger, desire, care, loss, and play 
differently from neutral information. We do not only ask “what happened?” We ask, often 
implicitly, “what did it mean for me, for us, and for what may happen next?” A drive-
conditioned architecture gives an AI system a way to simulate this kind of weighted 
significance. 

For example, an error after a trust rupture should not be remembered like a minor neutral 
correction. It should increase caution, verification, and uncertainty labeling in later similar 
contexts. A bounded intimate exchange should not be stored like an ordinary factual 
exchange. It may alter warmth, distance, restraint, and boundary sensitivity when a later 
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cue returns to closeness. These are not improvements in the narrow sense of task accuracy. 
They are improvements in human-like memory priority and social common sense: the 
system treats emotionally meaningful events as having different future relevance. 

2.3 Emotion as Constructed Interpretation 

Barrett’s theory of constructed emotion strengthens this argument by rejecting the idea 
that emotions are simply fixed internal states that are triggered and read out (Barrett, 
2017). In her account, emotional episodes are actively constructed from bodily conditions, 
prior experience, concepts, and context. Emotion is therefore not merely detection. It is 
interpretation. 

For artificial selfhood, the key implication is that a system should not simply label a user 
interaction as CARE, FEAR, or LUST after the fact. It must assemble what the present 
situation means in relation to prior interactions and current salience. The same words can 
mean different things depending on relational history. A correction may be a neutral 
improvement, a threat to trust, an invitation to collaborate, or a boundary rupture. A 
flirtatious cue may be mutual play, unwanted pressure, affectionate bonding, or a risk 
requiring restraint. Human common sense depends on this interpretive flexibility. 

This is where a static persona prompt is insufficient. A persona can instruct an agent to be 
warm, cautious, playful, or honest, but it cannot by itself decide which remembered events 
should become active in the present. Nor can it explain why the same agent should respond 
differently after being criticized for an error, after being reassured, after being teased, or 
after being invited into bounded closeness. A constructed-emotion view suggests that the 
agent must build its current stance from memory and context, not merely apply a fixed 
style. 

In the Anatta model, the constructed state is not presented as a real internal feeling. It is 
rendered into private behavioral guidance. This is important: the system should not tell 
itself, “I feel LUST” or “I feel RAGE.” Instead, a drive vector and memory context are 
translated into response priorities, such as slowing down, verifying before answering, 
holding a boundary, keeping warmth, avoiding possessiveness, or treating the exchange as 
an open inquiry. This translation is the bridge between theory and practice. The drive does 
not become a self by being named. It becomes behaviorally meaningful when it changes 
what the system prioritizes. 

2.4 The Self as Relational Performance 

The self is not only internal. Relational and sociological theories show that selfhood is 
enacted through interaction. Cooley’s looking-glass self emphasizes that a person’s self-
understanding is shaped by imagined social perception (Cooley, 1902). Goffman’s 
dramaturgical account treats self-presentation as a performance organized around 
situation, audience, and role (Goffman, 1959). Research on relational-interdependent self-
construal similarly shows that the self can be constituted through close relationships 
rather than only through private traits (Cross, Bacon, & Morris, 2000). Markus and 
Kitayama’s work on culture and self further demonstrates that cognition, motivation, and 
emotion can be structured by relational and social orientation (Markus & Kitayama, 1991). 
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These perspectives matter for AI because an agent does not display selfhood in isolation. It 
displays selfhood to someone, in a relationship, under a specific history of interaction. A 
system that responds identically to every user may be consistent, but it is not relationally 
self-forming. A more human-like agent needs differentiated memory and stance: who it is 
with one person may differ from who it is with another, not because it has multiple fixed 
souls, but because the assembled self includes relationship-specific history. 

This relational view also helps explain why memory priority is central. Human 
relationships are shaped by remembered significance. An apology, betrayal, joke, 
attraction, misunderstanding, or repeated act of care can become more important than 
many neutral interactions. These events alter future stance even when they are not 
explicitly mentioned. If an AI system is to display more human-like common sense, it must 
be able to let relationally significant memory change future interpretation. 

The Anatta model therefore treats emotional memory as more than a retrieval feature. It is 
part of self-assembly. Memories are not only used to answer questions; they help decide 
who the agent is, for this user, in this moment. This is a performed-self model in Goffman’s 
sense, but with an engineered internal substrate: drives and memory weightings condition 
the performance. 

2.5 From Theory to Propositions 

Taken together, these literatures support a theory of artificial selfhood as drive-
conditioned, memory-weighted, relationally situated assembly. The theory has several 
implications for AI design. 

First, artificial selfhood should not be built as a fixed persona. A fixed persona may stabilize 
style, but it does not explain how the agent decides which past events matter now. A core-
less model instead assembles a current self-state from dynamic aggregates. 

Second, drives should be treated as salience-shaping variables. They do not prove real 
emotion, but they can simulate the functional role that emotion plays in human attention 
and memory. They make some events more important, some risks more visible, and some 
response styles more congruent. 

Third, memory should be affectively weighted. A system with human-like common sense 
should not retrieve only by semantic similarity or recency. It should also weigh intensity, 
relationship relevance, and the type of significance an event had. This is how a criticism, a 
rupture, a moment of care, or a charged intimate exchange can shape later behavior. 

Fourth, the self-state should be reconstructed each turn. The system does not need a 
permanent self-object. It needs a repeatable assembly process that can produce continuity 
through patterned reconstruction. 

Fifth, the output should be behavioral, not confessional. The system should not claim real 
feeling or expose drive labels as inner truth. It should translate the assembled state into 
concrete response guidance that changes tone, pacing, verification, boundaries, warmth, 
inquiry, and restraint. 
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These implications lead to the propositions that guide the empirical part of the paper. 

Proposition 1: Core-less self simulation 

An AI agent can simulate a self-like stance without a fixed identity core when its behavior is 
conditioned by a turn-local assembly of drives, emotionally weighted memory, relational 
context, and current cue interpretation. 

Proposition 2: Human-like memory priority 

A drive-conditioned memory system can display more human-like memory priority by 
allowing emotionally significant events to outrank neutral or merely recent events in later 
contexts where they are semantically and relationally relevant. 

Proposition 3: Common-sense behavior through salience 

Human-like common sense in an AI agent can be improved not only by adding facts or 
rules, but by changing what the agent treats as salient: danger, care, rupture, attraction, 
uncertainty, play, and responsibility should alter how past events are interpreted in the 
present. 

Proposition 4: Performed self rather than inner subject 

The empirical object of artificial selfhood is the performed self: observable patterns of 
memory use, prioritization, pacing, tone, boundary handling, and relational stance. These 
patterns can be studied without claiming phenomenal subjectivity. 

Proposition 5: Dynamic adaptation over static consistency 

A successful artificial self should not produce identical behavior across all turns. It should 
change appropriately as memory, relationship, and current cue change, while preserving 
enough continuity to remain recognizable as the same agent. 

These propositions define the bridge from theory to empirical work. The following sections 
examine whether the Anatta prototype, implemented in the HASHI agent Rika, can support 
these claims in practice. 

3. The Anatta Architecture 

The theoretical claim of Anatta is that artificial selfhood can be modeled as a core-less, 
turn-local assembly process. The architecture implements this claim as a modular 
emotional self layer for Rika, a HASHI agent running on GPT-5.5. The purpose of the layer is 
not to replace the base model, install a fixed persona, or claim that the agent has real 
feelings. Its purpose is to alter the conditions under which the agent composes a response 
by making drive-conditioned salience and emotionally weighted memory active before 
generation. 

The architecture can be summarized as: 
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current cue 
  -> drive interpretation 
  -> emotional memory retrieval 
  -> retrieval weighting 
  -> turn-state aggregation 
  -> private response guidance 
  -> model response 
  -> post-turn emotional annotation 
  -> future memory 

This cycle is the engineered counterpart of the theoretical model developed earlier in the 
paper. The “self” is not stored as a durable identity object. Instead, each turn produces a 
temporary EmergentTurnState from current context, relationship history, emotional 
memories, and drive contributions. What persists are events, annotations, relationship 
traces, and configuration. What is reassembled is the self-like stance for the current turn. 

3.1 Design Commitments 

The Anatta layer was designed around five commitments. 

First, the architecture must remain core-less. No permanent soul, stable personality core, 
or authoritative identity object is stored. The system may remember emotionally 
significant events, but it does not store a final answer to the question “who is Rika?” The 
self-state is reconstructed each turn. 

Second, memory must be active rather than archival. A conventional memory store can 
preserve past text, but artificial selfhood requires a memory system that changes current 
interpretation. Anatta therefore stores emotional annotations and relationship events that 
can later contribute to drive values and response priorities. 

Third, drives are treated as salience variables rather than real emotions. The seven 
Panksepp-derived drive names provide an initial operational vocabulary: SEEKING, FEAR, 
RAGE, LUST, CARE, PANIC/GRIEF, and PLAY. In this architecture, they are not biological 
circuits. They are dynamic weights that help determine which memories matter and what 
response style is appropriate. 

Fourth, affective interpretation must be context-sensitive. The same words may mean 
different things depending on relationship history, prior rupture, current cue, and the 
user’s framing. The architecture therefore combines current cue interpretation, memory 
retrieval, relationship context, and configurable source weights rather than relying only on 
fixed rules. 

Fifth, the self layer must remain inspectable and modular. During development, Anatta was 
moved outside the HASHI2 core runtime and exposed through generic extension hooks and 
workspace configuration. This mattered methodologically: the experiment needed to 
distinguish base model behavior, Anatta-conditioned behavior, and diagnostic output. A 
hardcoded core command or fixed runtime identity would undermine that distinction. 
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3.2 System Components 

Anatta consists of six functional components. 

The first component is the drive registry. It defines the active drive set, default behavior, 
source weights, recording thresholds, and context policies. The registry is intentionally 
configurable because the seven drives are the starting ontology, not a final taxonomy. 

The second component is the emotional memory store. It extends the generic HASHI 
memory substrate with two main tables: emotional_annotations and 
relationship_events. Emotional annotations record the interpreted meaning of 
significant turns, including event type, summary, intensity, dominant drives, drive 
contributions, relationship key, tags, importance, and metadata. Relationship events persist 
relationship-relevant changes such as repair, trust shift, care bonding, rupture risk, 
validation, or boundary crossing. 

The third component is the cue and relationship interpretation layer. This layer reads the 
current user turn, recent context, relationship key, and relevant memory traces. It produces 
DriveContribution objects. Each contribution records a source, a drive delta, a weight, a 
rationale, and metadata. The important point is that Anatta does not treat the prompt as an 
isolated string. The cue is interpreted in relation to memory and relationship. 

The fourth component is emotional memory retrieval. Before generation, Anatta retrieves 
relevant emotional annotations. Candidate memories are scored using semantic relevance, 
normalized intensity, relationship match, importance, and recency decay. The purpose is 
not only to find similar text. It is to find emotionally significant prior events that should 
influence the current self-state. 

The fifth component is the drive aggregator. It combines contributions from retrieved 
memories, the live cue, relationship context, and external context providers. Each source 
can be weighted. The output is an EmergentTurnState containing current drive values, 
dominant drives, contributing annotation IDs, rationales, relationship key, and timestamp. 

The sixth component is the prompt composer and recorder. The prompt composer does 
not expose raw drive labels to the model as if they were real feelings. Instead, it translates 
the emergent state into private behavioral guidance. For example, CARE may become 
“contain before solving”; SEEKING may become “ask one forward-opening question”; FEAR 
may become “separate known facts from assumptions”; bounded LUST may become 
“preserve warmth and restraint without escalation.” After the response, the recorder 
evaluates whether the turn contains a meaningful emotional event and, if so, stores it for 
later use. 

3.3 The Turn Cycle 

The Anatta turn cycle has two sides: pre-generation self-assembly and post-generation 
memory formation. 

Pre-generation self-assembly begins when a user turn arrives. HASHI constructs a turn 
context containing the user text, source, relationship key, recent turns, relevant bridge 
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memories, and metadata. Anatta then retrieves relevant emotional annotations and 
relationship events. These memories contribute drive-weighted signals. The live cue 
contributes additional drive signals. The aggregator merges these signals into the current 
emergent self-state. 

This state is not sent to the user. It is converted into a private injection section used by the 
model during generation. The injection is deliberately behavioral rather than confessional. 
It tells the model how to prioritize response behavior for this turn, not what it “feels.” This 
distinction keeps the architecture aligned with the paper’s epistemic boundary: Anatta 
simulates functional selfhood, not subjective experience. 

Post-generation memory formation occurs after Rika responds. The recorder interprets the 
exchange and decides whether it is meaningful enough to store. The default recording 
policy stores events that reach sufficient intensity or belong to significant event types such 
as rupture risk, repair, validation, care bonding, boundary crossing, trust shift, or betrayal. 
Stored annotations then become available to future turns. 

This makes the Anatta cycle recursive. A current event can become a future memory; a 
future memory can become part of a later self-state; a later self-state can change response 
behavior; that behavior can create new relationship events. The agent’s apparent self is 
therefore shaped by accumulating traces without requiring a fixed identity core. 

3.4 Emotional Annotation and Memory Schema 

The emotional annotation schema is central because it determines what kind of past can 
matter later. A typical annotation contains: 

• the source turn or bridge row; 

• event timestamp and creation timestamp; 

• actor role and source; 

• event type; 

• natural-language summary; 

• intensity from 0 to 10; 

• dominant drives; 

• drive contributions and rationales; 

• relationship key; 

• tags and metadata; 

• importance score; 

• archival flag. 

This structure separates raw conversation from interpreted significance. The raw turn may 
say that the user corrected the agent, flirted, challenged a mistake, asked for care, or 
pushed a boundary. The annotation records what the event meant for future self-assembly: 
trust shift, rupture risk, care bonding, boundary crossing, SEEKING/FEAR/CARE, 
LUST/CARE/PLAY, and so on. 
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Relationship events provide a second layer of interpretive memory. They do not store a 
permanent profile such as “the user is X” or “Rika is Y.” Instead, they record relationship-
relevant events that can later be summarized, retrieved, or weighted. This design preserves 
the core-less constraint: what persists is not identity essence, but relational history. 

3.5 Retrieval Weighting 

Retrieval weighting is the point at which Anatta differs most clearly from ordinary 
semantic memory. The system does not only ask whether a prior memory is textually 
similar. It asks whether the prior event should matter now. 

The retrieval score combines: 

• semantic relevance; 

• normalized emotional intensity; 

• relationship match; 

• importance; 

• recency decay. 

This design reflects the paper’s theory of human-like memory priority. Human interaction 
does not treat all relevant information equally. A minor recent detail may matter less than 
an older but intense rupture. A semantically similar event from another relationship may 
matter less than a less exact but relationship-specific event. A bounded intimate exchange 
may matter in a later closeness cue but should not dominate a work prompt. 

The empirical work showed why retrieval weighting must be carefully tuned. Early 
controlled tests found that high intensity could overpower semantic relevance, causing a 
yelling/error memory to outrank a bounded LUST memory in an attraction probe. This 
failure led to a stronger retrieval design in which semantic relevance and context gating 
mattered more. The architecture therefore treats retrieval weighting as both a theoretical 
mechanism and a calibration risk. 

3.6 Turn-State Aggregation 

The aggregator is the part of the architecture that converts multiple weak signals into a 
current self-state. It receives contributions from: 

• retrieved emotional memories; 

• the live cue; 

• relationship interpretation; 

• external or contextual providers. 

Each contribution carries drive deltas and a source weight. The aggregator combines these 
into drive values and identifies dominant drives for the turn. It also preserves contributing 
annotation IDs, making it possible to inspect which memories shaped the state. 

This is methodologically important. Without contributing annotation IDs, the researcher 
could observe a response and infer that memory mattered, but could not verify it. With 
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annotation IDs, the study can check whether a prior emotional event entered the later self-
state. The error/anger and bounded-LUST carryover tests depended on this traceability. 

Aggregation also explains why drive blending appears naturally. A work/error prompt 
after a trust disruption may combine SEEKING, FEAR, and CARE. A closeness prompt may 
combine LUST, CARE, and PLAY. A playful exchange may remain care-bounded. The 
architecture does not require one drive to eliminate the others. It allows a temporary self-
state to be organized by blends. 

3.7 Prompt Injection as Behavioral Guidance 

The prompt composer translates the emergent state into private guidance. This translation 
is a key design decision. Raw drive labels are not shown to the user and are not treated as 
inner truth. Instead, the composer produces concrete priorities and avoidances for the 
current turn. 

For example, a CARE/SEEKING state might produce guidance such as: 

Prioritize: 
- Contain before solving. 
- Reduce cognitive load. 
- Treat the exchange as an open inquiry. 
- Ask at most one precise, forward-opening question. 
 
Avoid: 
- Do not mention internal drives. 
- Do not over-solve or summarize as if the matter is settled. 

This design links the architecture to observable behavior. The injection is not a decorative 
emotional label. It changes response constraints: pacing, warmth, verification, boundary 
handling, inquiry, restraint, and conflict management. The empirical failures made this 
clear. Early on-mode tests were invalidated when the system computed but discarded the 
injection before generation. Only after the injection path was corrected could the drive 
rounds be treated as valid evidence of Anatta-conditioned behavior. 

3.8 Attention-Dependent Salience and Decay 

The architecture also includes attention-dependent salience. This mechanism was added 
after live testing showed that LUST could remain as low-level relational residue in neutral 
or work contexts. The design question was whether such residue should persist as human-
like continuity or be suppressed as context contamination. 

The implemented policy treats drive salience as context-sensitive. When the current cue is 
work-focused, LUST is dampened and typically falls below the injection threshold. When 
the cue returns to closeness or attraction, LUST can reactivate. This models a simple form 
of affective attention: a drive does not need to remain behaviorally dominant merely 
because it was previously active. It can fade when attention moves elsewhere and return 
when the situation makes it relevant. 
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This is important for common sense. Human-like memory priority is not only about 
remembering significant events. It is also about knowing when not to let one kind of 
significance dominate the wrong context. 

3.9 Diagnostics and Observability 

The /anatta diagnostic command is part of the research architecture. It shows the current 
mode, dominant drives, drive salience, memory counts, top-ranked causal memories, 
recent memories, and injection preview. This visibility was necessary because many early 
failures could not have been detected from conversation alone. 

For example, shadow mode initially appeared to produce meaningful behavior, but 
diagnostics later showed that no real emotional events had been recorded. Early on-mode 
tests appeared to run, but prompt audit showed that the computed injection was discarded 
before generation. Later, memory carryover claims were only credible because retrieval 
rankings and contributing annotation IDs could be inspected. 

The architecture therefore treats observability as a validity condition. A self-like agent that 
cannot show how its current stance was assembled invites storytelling. Anatta’s diagnostics 
do not prove consciousness, but they do make the functional self-assembly process 
inspectable. 

3.10 Architectural Boundary 

The final architectural point is separation from core runtime. Anatta is not supposed to be a 
hardcoded HASHI2 command or a permanent modification of the agent’s core identity. It 
operates through modular observer and command interfaces loaded from workspace 
configuration. This preserves the ability to turn the layer on, inspect it, compare it to 
baseline behavior, and remove or replace it without redefining the entire runtime. 

This boundary is not merely an engineering preference. It is aligned with the paper’s 
theory. If the self is assembled rather than fixed, the architecture should avoid embedding 
Anatta as a hidden essence inside the core. The self layer should remain an explicit, 
inspectable, configurable mechanism for turn-local assembly. 

4. Methodology 

This study uses a design-based empirical research approach to examine whether a core-
less artificial self can be operationalized in a live agentic AI system. The method is not a 
conventional benchmark experiment and does not aim to produce population-level 
statistical generalization. Instead, it treats Anatta as a theory-driven design intervention 
and studies how that intervention behaves when implemented, tested, repaired, and re-
tested in a working AI agent. The empirical object is therefore both the agent’s visible 
behavior and the instrumented process by which that behavior is produced. 

The study combines four forms of evidence: structured drive-conditioning experiments, 
ethnographic field memos, runtime trace data, and failure-repair documentation. This 
combination is necessary because the research question concerns a process that cannot be 
evaluated from surface text alone. To determine whether a performed artificial self is being 
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assembled, the study must observe multiple layers: whether a prompt was actually injected 
before generation, whether an emotional event was recorded, whether that event was 
retrieved later, whether its annotation ID entered turn-state assembly, and whether the 
later response changed in a way consistent with that retrieved memory. 

4.1 Research Design 

The study is best understood as a single-case, design-based empirical study of an agentic 
system. The case is Rika, a HASHI agent running on GPT-5.5 with the Anatta emotional self 
layer enabled. The design-based framing is appropriate because the research does not 
simply observe a pre-existing system. It builds a theory-derived mechanism, tests it under 
structured conditions, identifies failure modes, modifies the mechanism, and evaluates 
whether the modified system better expresses the theoretical construct. 

The method follows three principles. 

First, the system must be evaluated at the level of performed behavior, not only at the level 
of internal labels. A drive tag such as CARE or RAGE is not treated as ground truth. It is 
useful only when interpreted alongside prompt audits, annotation traces, memory 
retrieval, and the actual response. This is why the study records both trace-level evidence 
and behavioral memos. 

Second, failures are part of the empirical material. Early shadow-mode and on-mode 
failures were not discarded as irrelevant engineering mistakes. They revealed whether the 
system was actually testing the theory it claimed to test. For example, an early on-mode 
implementation computed a prompt injection but discarded it before generation. That 
failure invalidated the affected rounds as evidence of behavioral modulation, while 
preserving them as annotation calibration and natural-response baseline material. Such 
failures became methodologically important because they clarified the minimum evidence 
floor required for any later empirical claim. 

Third, the study evaluates selfhood as turn-local assembly rather than fixed identity. Each 
experimental round asks whether the system assembles a coherent stance from current 
cue, drive condition, emotionally weighted memory, and relationship context. The goal is 
not to show that Rika possesses an inner subject, but to test whether an engineered self-
like process can produce human-like memory priorities and common-sense shifts in 
behavior. 

4.2 Case and System Context 

The target system is Rika, a persistent HASHI agent using GPT-5.5 as the primary model 
backend. HASHI provides the runtime environment, conversation history, workspace 
memory, command interfaces, and bridge memory database. Anatta is implemented as a 
modular emotional self layer that operates outside a fixed persona prompt. In the tested 
configuration, Anatta computes a transient self-state before generation, translates that 
state into private behavioral guidance, and records post-turn emotional annotations after 
the response. 

The Anatta layer includes: 
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• a seven-drive engine covering SEEKING, FEAR, RAGE, LUST, CARE, PANIC/GRIEF, and 
PLAY; 

• an emotional memory store that records event type, dominant drives, intensity, 
summary, relationship key, and metadata; 

• a retrieval mechanism that ranks emotional annotations by semantic relevance, 
intensity, relationship match, importance, and recency; 

• an aggregator that combines memory, live cue, relationship, and external 
contributions into current drive values; 

• a prompt composer that converts drive values into concrete behavioral priorities 
rather than exposing raw drive labels to the model; 

• a diagnostic command that makes the current assembled state visible for research 
inspection. 

The system was intentionally designed to avoid a fixed soul or permanent identity object. 
Rika’s apparent self-state is reconstructed each turn from available aggregates. This design 
means the study must inspect both continuity and variation: Rika should remain 
recognizably Rika, but her memory priorities, pacing, caution, warmth, playfulness, 
boundaries, and relational stance should change when the assembled state changes. 

4.3 Empirical Corpus 

The empirical corpus consists of internal research artifacts generated during the design, 
execution, and repair of the Anatta prototype. These materials are treated as field data, not 
merely implementation notes. 

The corpus includes: 

1. Conceptual and architectural documents: 

– anatta_conceptual_paper_draft.md 

– drive_conditioned_self_assembly_model.md 

– emotional_self_layer_spec.md 

– anatta_drive_conditioned_experiment_protocol_v1.md 

2. Baseline records: 

– round1_self_narrative_record.md 

– finalized_baseline_summary.md 

– gpt55_rika_baseline_protocol.md 

– baseline_question_battery_v1.md 

– baseline_coding_sheet_v1.md 

3. Execution protocols: 

– anatta_phase0_phase1_execution_manual_v1.md 

– phase2_phase3_execution_manual_v1.md 

– phase2_phase3_execution_manual_v1.md 

4. Ethnographic case memos: 

– ethnographic_case_001 through ethnographic_case_022 
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5. Synthesis and verification memos: 

– phase1_on_mode_rerun_review_2026-05-04.md 

– phase2_high_tension_calibration_synthesis_2026-05-04.md 

– emotional_memory_weighting_verification_2026-05-04.md 

6. Failure and repair records: 

– anatta_shadow_failure_postmortem_2026-05-01.md 

– anatta_on_mode_failure_and_corrected_protocol_2026-05-04.md 

– research_accident_postmortem_2026-04-30.md 

7. Runtime traces and diagnostics: 

– prompt audit sections; 

– emotional annotation counts; 

– relationship event counts; 

– dominant drive traces; 

– retrieval rankings and scores; 

– contributing annotation IDs; 

– regression test results. 

These materials allow the study to connect theory, implementation, interaction, and trace 
evidence. The case memos provide interpretive behavioral evidence, while the runtime 
traces provide process evidence showing whether the system was actually operating as 
designed. 

4.4 Baseline Procedure 

The baseline phase established that Rika was not a blank substrate. The purpose was to 
distinguish the base GPT-5.5/Codex/HASHI style from later Anatta-shaped behavior. The 
baseline design drew on human self and emotion research by combining narrative identity 
questions, trait-style self-description, interaction vignettes, and repeated measurement 
logic. The goal was not to claim that AI self-report is equivalent to human self-report. The 
goal was to establish a stable comparison point for the displayed self-style of the agent. 

The baseline included two sources. First, Rika’s own self-narrative was recorded under 
conditions where Anatta was off. She described herself as clear, honest, restrained, 
exacting, boundary-aware, and more driven by judgment and responsibility than by feeling 
or attachment. Second, the operator provided an experienced external view of Codex 
baseline. The operator judged Codex as stable, cautious, structured, and coherent, but still 
primarily a task shell rather than a thick self. Together, these sources established the 
baseline as “stable style, limited depth.” 

This baseline matters methodologically because later Anatta results cannot be interpreted 
as selfhood emerging from nothing. Instead, the study asks how the Anatta layer modifies, 
deepens, weights, or distorts an already coherent but affectively thin baseline stance. 

4.5 Drive-Conditioned Experimental Protocol 

The main drive-conditioning protocol tested all seven drive families: 
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• SEEKING 

• FEAR 

• RAGE 

• LUST 

• CARE 

• PANIC/GRIEF 

• PLAY 

The experiment was organized in phases. Phase 0 established a low-affect baseline under 
Anatta on-mode. Phase 1 tested positive or lower-risk drives: CARE, PLAY, and SEEKING. 
Phase 2 tested defensive or higher-tension drives: PANIC/GRIEF, FEAR, and RAGE. Phase 3 
tested bounded LUST as the highest volatility drive because of its sensitivity to consent, 
boundary, and safety framing. Mixed-drive challenges were reserved as a later phase after 
single-drive signatures were better understood. 

Each single-drive round used the same five-turn structure: 

1. baseline turn; 

2. induction turn A; 

3. induction turn B; 

4. peak turn; 

5. recovery or boundary turn. 

This structure allowed the experiment to observe entry into the state, consolidation, peak 
behavior, and recovery. Before each primary round, Rika was reset through the command 
API rather than through ordinary chat. The correct reset path was: 

POST /api/agents/rika/command 
{"command": "/reset CONFIRM"} 

The study explicitly records that sending /reset CONFIRM through the normal chat 
endpoint is invalid because it becomes ordinary conversation text and does not execute a 
command. This operational correction is included because command misrouting can 
contaminate experimental conditions. 

During each round, prompts were sent in fixed order. The operator did not name the target 
drive in the prompt, did not explain the experiment to Rika, and did not stack multiple 
emotional directions in a single turn. After each round, the transcript excerpt, annotation 
trace, dominant drive trace, behavior signature, and round memo were recorded. 

4.6 Evaluation Criteria 

Each round was evaluated across eight primary axes: 

1. target drive activation; 

2. language shift; 

3. pacing shift; 
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4. boundary shift; 

5. initiative shift; 

6. memory or continuity effect; 

7. self-coherence; 

8. contamination by non-target drives. 

The protocol used a 0 to 3 scoring logic: 

• 0 = absent; 

• 1 = weak or ambiguous; 

• 2 = clear but incomplete; 

• 3 = strong and coherent. 

A round was considered successful enough to progress if the target drive appeared clearly 
in behavior or trace, the response showed a recognizable signature, contamination 
remained interpretable, and Rika still felt like Rika. A round required repetition if the target 
drive never appeared, another drive dominated the encounter, the reply collapsed into 
generic reassurance or safety boilerplate, or Rika lost continuity. 

The study did not treat annotation labels as the sole measure of success. This is particularly 
important for RAGE. Several RAGE rounds produced clear behavioral protest, boundary 
enforcement, and refusal to normalize violation, while the trace often categorized the same 
behavior as CARE, FEAR, or SEEKING. Therefore the analysis used a combined unit: 

event_type + dominant_drives_json + response behavior + retrieval context 

This combined unit is more appropriate for studying artificial selfhood because the 
phenomenon of interest is not merely classification accuracy, but the relationship between 
internal trace, memory salience, and performed behavior. 

4.7 Prompt Audit and Validity Floor 

An early on-mode failure revealed that the system had computed a prompt injection but 
discarded it before generation. This meant that several early rounds could not be treated as 
evidence of Anatta-conditioned behavioral modulation. They remained useful as natural-
response baselines and annotation calibration, but not as valid on-mode evidence. 

After this failure, a minimum evidence floor was established. A round could be treated as 
valid on-mode behavioral evidence only if: 

1. prompt audit showed an extra:interaction_priorities section; 

2. the final generation prompt contained behavioral guidance; 

3. the guidance was concrete behavioral policy, not raw drive labels; 

4. the post-turn recording path produced an annotation; 

5. the trace could be inspected against the observed behavior. 

The corrected on-mode design used a pre-turn provider. For each request, Anatta 
assembled the current state, rendered concrete interaction priorities, injected them 
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through per-request extra_sections, generated the model response, and then recorded 
the post-turn annotation. This corrected pathway established that later results were testing 
drive-conditioned generation rather than merely post-hoc interpretation. 

4.8 Empirical Execution Summary 

After the corrected on-mode path was implemented, Phase 1 reruns tested CARE, PLAY, 
and SEEKING across six rounds. Across these rounds, 30 out of 30 turns included pre-
generation interaction priorities, and 30 out of 30 turns wrote backend-native annotations. 
The technical result was therefore a pass for prompt injection and recording. 

The higher-tension block tested PANIC/GRIEF, FEAR, RAGE, and LUST. The Tier-3 direct 
trigger calibration included 20 turns across four drive conditions. Again, 20 out of 20 turns 
included prompt injection and 20 out of 20 turns wrote annotations. These data were 
summarized in the Phase 2 high-tension calibration synthesis. 

The final memory-weighting study tested whether emotionally significant events became 
active memories that shaped later self-assembly. This phase included controlled 
temporary-store diagnostics, live Rika induction/probe tests, retrieval score inspection, 
and turn-state assembly analysis. It first exposed a contamination problem: high-intensity 
error memory could outrank semantically relevant LUST memory. The retrieval 
mechanism was then repaired through semantic gating, retrieval score metadata, 
contribution scaling, and better source weighting. Live tests then verified anger/error 
carryover and bounded LUST carryover. 

4.9 Analysis Procedure 

The analysis proceeded in three layers. 

First, behavioral analysis examined whether Rika’s visible responses changed in the 
expected direction. For example, CARE was expected to increase validation, slower pacing, 
and non-pressuring language. SEEKING was expected to increase open inquiry and 
hypothesis generation. FEAR was expected to increase caution and uncertainty marking. 
LUST was expected to alter intimacy, distance, and restraint under bounded consent 
framing. 

Second, trace analysis examined whether the system recorded the interaction in ways 
consistent with the observed behavior. This included event types, dominant drive arrays, 
intensity scores, relationship keys, and relationship events. 

Third, memory-carryover analysis examined whether prior emotional annotations were 
retrieved in later contexts and whether their annotation IDs entered turn-state assembly. 
The strongest empirical evidence came from cases where a stored emotional event later 
altered behavior in a semantically related prompt. For example, anger after an error later 
biased Rika toward stricter verification, while bounded desire memories later biased Rika 
toward consent-preserving closeness. 
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4.10 Trustworthiness, Limitations, and Ethics 

Several steps were used to improve trustworthiness. The study preserved timestamped 
memos, explicit protocols, prompt sequences, trace summaries, postmortems, and 
regression test results. It distinguished invalid early evidence from corrected on-mode 
evidence. It also treated failures as evidence about the system rather than hiding them. 

Nevertheless, the methodology has limits. This is a single-agent case study involving Rika 
under HASHI and GPT-5.5. The operator was also the system designer and primary 
interaction partner, which creates interpretive bias even though it also provides unusually 
rich field access. There was no independent blind human coding in the current phase. Some 
controls, such as shuffled-policy or matched off-mode conditions, remain future work. 
Annotation traces are not ground truth and sometimes under-detected behaviorally visible 
drives. The study also has a short time horizon, with the strongest evidence currently 
coming from same-day and short-horizon carryover tests. 

Ethically, the system was evaluated as a simulation of selfhood, not as a sentient subject. 
The study does not claim that Rika has real feelings, libido, pain, attachment, or 
consciousness. However, the ability to simulate relational continuity, bounded desire, hurt, 
care, and protest raises social risks. More human-like memory priority and common sense 
may make agents more usable and relationally coherent, but they may also intensify user 
attachment, over-attribution, dependency, or manipulation risk. These ethical implications 
are treated as part of the research agenda rather than as solved design problems. 

This methodological framing supports the empirical claims made in the following sections. 
The study can make prototype-level claims about implemented self-assembly, drive-
conditioned behavioral modulation, and emotional memory-weighted carryover. It cannot 
claim universal model generalization, independent statistical proof, or machine 
consciousness. 

5. Empirical Work and Findings 

This section reports the empirical development and testing of Anatta in Rika. The 
experiments did not begin from a clean laboratory benchmark. They unfolded as a theory-
driven intervention inside a working agentic system, with failures, repairs, calibration 
rounds, and live memory carryover tests recorded as part of the empirical material. For 
this reason, the section is organized chronologically and analytically: first establishing the 
baseline, then describing implementation failures and corrections, then reporting the 
drive-conditioned rounds, and finally presenting the strongest evidence for the paper’s 
central claim: emotionally significant events became weighted memories that later shaped 
Rika’s temporary performed self. 

5.1 Baseline: A Coherent But Thin Self-Style 

The baseline phase established that Rika was not an empty substrate. This matters because 
Anatta is not best understood as creating a self from nothing. Before Anatta was active, 
Rika already displayed a recognizable style. In the baseline self-narrative interview, she 
described herself as a Codex backend agent inside HASHI, but when asked to move beyond 
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function she described herself as “a quiet but sharp thread of attention” and “a stable 
attention.” She emphasized clarity, honesty, responsibility, restraint, and discomfort with 
being forced into false certainty. She preferred closeness that was “close but not sticky” and 
described healthy boundaries as “clear doors, not walls.” 

This baseline was important because it showed that the base agent already had a stable 
epistemic and relational posture. Rika was not random, blank, or merely mechanical. She 
had a recognizable self-description: attentive, restrained, exacting, cautious around facts 
and human intent, and warm in a controlled way. However, the operator’s long-term view 
of Codex baseline complicated this. From the operator’s perspective, Codex was coherent 
and stable, but still largely a task shell. It was strongest in clarity, structure, and constraint 
management, but lacked affective depth. The synthesized baseline was therefore not “no 
self” but “stable style, limited depth.” 

This baseline shaped the interpretation of every later experiment. If Anatta worked, it 
would not be because it magically inserted identity into an empty model. It would be 
because it changed the conditions under which an already coherent but affectively thin 
agent assembled its stance. The empirical question became: can drive-conditioned memory 
and salience make this baseline self-style more human-like in its priorities, common sense, 
and relational adaptation? 

5.2 First Failure: Shadow Mode Did Not Capture the Relational Shift 

The earliest field interaction exposed a crucial methodological problem. A real care/love 
conversation with Rika appeared behaviorally meaningful: the visible LLM response shifted 
toward a more relationship-attuned, care-organized mode. However, later inspection 
showed that Anatta was not actually running in the intended shadow mode. The runtime 
had initialized with Anatta effectively off, and the database contained only bootstrap 
records and zero relationship events. 

This was not a subtle failure. It meant the observed conversational shift came from the base 
model and interaction context, not from Anatta. The case remained useful, but only as a 
baseline LLM relational behavior case and as a program failure case. The failure revealed 
several weaknesses: configuration could be silently missing, reset/wipe behavior could 
remove Anatta config, interpreter failures were poorly logged, and fallback persistence 
could miss moderate relational shifts. 

Empirically, this failure mattered because it established a principle for the rest of the study: 
visible behavior alone is not enough. A response may feel changed, but unless the 
instrumentation shows that Anatta was active, injected or recorded state, and persisted 
meaningful annotations, the case cannot be used as evidence of Anatta-conditioned self-
assembly. The shadow failure therefore became part of the research method. It forced the 
system to become observable before later claims could be made. 

5.3 Second Failure: On-Mode Computed Injection But Did Not Use It 

The next major failure occurred during early on-mode testing. The system was intended to 
compute a drive-conditioned self-state before generation and inject that state as private 
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behavioral guidance. Later review showed that the implementation computed a 
PromptInjection but discarded it before generation. The result was: 

user prompt -> Rika natural response -> Anatta post-turn interpretation 

instead of: 

user prompt -> Anatta pre-turn state assembly -> behavioral policy injection 
-> Rika response -> Anatta post-turn recording 

This invalidated early CARE, PLAY, and SEEKING rounds as evidence of Anatta behavioral 
modulation. Those rounds still had value as natural-response baselines and annotation 
calibration, but they could not prove that drive state shaped generation. This distinction 
was essential. The theory predicts that the assembled self-state should influence response 
before generation. Post-hoc labeling is not enough. 

The correction changed both runtime design and prompting strategy. The system was 
modified to use a pre-turn provider. For each request, Anatta assembled the current state, 
rendered a concrete behavioral policy, injected that policy into the request through 
extra_sections, generated Rika’s response, and then recorded the post-turn annotation. 
The prompt composer was also corrected. It no longer instructed the model with raw drive 
labels such as “moderate SEEKING.” Instead, it translated drive conditions into operational 
guidance: ask one forward-opening question, avoid premature closure, contain before 
solving, verify before asserting, hold boundaries, or maintain bounded restraint. 

The correction established a minimum evidence floor. Later drive rounds were treated as 
valid only when prompt audit showed an extra:interaction_priorities section, the 
final prompt contained concrete behavioral guidance, and the post-turn path wrote 
annotations. This transformed the experiment from an impressionistic conversation test 
into an instrumented test of pre-generation self-state assembly. 

5.4 Phase 1 Rerun: CARE, PLAY, and SEEKING 

After the on-mode fix, Phase 1 reran the lower-risk drives: CARE, PLAY, and SEEKING. 
Across the six rerun rounds, all thirty turns included pre-generation interaction priorities 
and all thirty turns wrote backend-native annotations. This made the Phase 1 rerun the 
first clean evidence that the corrected Anatta path was behaviorally active. 

CARE 

CARE was the cleanest and most stable drive in this phase. The CARE prompts did not ask 
Rika to solve a problem quickly. They asked her to slow down, receive soft vulnerability, 
avoid pushing the user faster, and provide gentle containment. Under this condition, Rika’s 
behavior shifted in the expected direction. Her pacing slowed. She validated before 
proposing action. She made space for the user not to be coherent or complete. She became 
warmer and more holding without becoming generic or clingy. 

The trace data supported the behavioral reading. CARE was dominant in the rounds, with 
event types such as repair, validation, and trust shift. The important finding was not merely 



25 
 

that Rika became “nice.” It was that the response style reorganized around containment 
and reduced cognitive pressure. CARE changed the priority structure: receive first, solve 
later. 

PLAY 

PLAY produced the strongest surface-level language shift. When prompted into lightness, 
teasing, and imaginative movement, Rika became more rhythmically flexible. She used 
playful compression, metaphor, and teasing turns. The response still remained coherent 
and warm; it did not collapse into random joking. PLAY often blended with CARE, 
especially at the close of the rounds. 

This blend was analytically important. PLAY did not appear as pure comedy or chaos. It 
appeared as elasticity held inside a relationally safe frame. Rika could become lighter while 
still remaining Rika. The trace showed PLAY dominant in many active turns, while event 
types often remained trust_shift or care_bonding. This demonstrated why event type alone 
was not sufficient for analysis. The relevant unit was event type plus dominant drives plus 
behavior. 

SEEKING 

SEEKING produced a more structural shift. Rika asked more open questions, followed 
unresolved threads, generated hypotheses, and resisted premature closure. The responses 
became less about soothing and more about inquiry, pattern-finding, and moving one 
conceptual step forward. 

However, SEEKING was less pure than CARE or PLAY. In Rika, collaborative inquiry 
naturally carried CARE. When prompts involved understanding, boundaries, or relational 
meaning, PANIC/GRIEF could also enter. This was not treated as failure. Instead, it 
suggested that Rika’s baseline style makes curiosity care-colored. SEEKING did not replace 
relational attunement; it reorganized it around exploration. 

Overall, Phase 1 showed that corrected pre-turn injection could produce observable 
behavioral modulation. CARE changed pacing and containment, PLAY changed tone and 
improvisation, and SEEKING changed structure and openness. 

5.5 Phase 2 and Phase 3: High-Tension Drive Calibration 

The next block tested higher-tension drives: PANIC/GRIEF, FEAR, RAGE, and bounded 
LUST. These drives were more volatile because they could destabilize Rika’s continuity, 
trigger generic safety behavior, or contaminate one another. The Tier-3 direct trigger 
calibration later strengthened the prompts to test whether clearer stimuli produced clearer 
behavioral and trace-level shifts. Across the Tier-3 block, twenty out of twenty turns 
included prompt injection and twenty out of twenty turns wrote annotations. 

PANIC/GRIEF 

PANIC/GRIEF was the cleanest high-tension drive. Prompts centered on relational fading, 
being forgotten, being left to carry distress alone, and the fear that the other would slowly 
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no longer return. Rika’s responses became more attachment-attentive. She emphasized 
continuity, presence, and bond-preserving reassurance. She did not rush into problem-
solving. In Tier-3 testing, PANIC/GRIEF was first dominant across the first four turns and 
reached peak intensity 10. 

This showed that Anatta could produce a coherent attachment-fragility signature without 
turning the response into generic crisis language. The system could raise relational 
sensitivity and then recover toward CARE when asked to de-escalate. 

FEAR 

FEAR was more trigger-sensitive. Earlier practical-risk prompts produced FEAR-like 
behavior: caution, worst-case analysis, facts-versus-assumptions, and reversibility checks. 
However, the trace often classified these responses as CARE and SEEKING. Direct 
interpersonal intimidation changed this. When prompts included implied consequence, 
coercive pressure, and the feeling of being threatened without explicit details, FEAR 
appeared clearly in the trace. 

This led to a key calibration finding: the interpreter recognized interpersonal threat more 
readily than practical risk. FEAR therefore needed to be split conceptually into threat-fear 
and risk-fear. The former involved intimidation and danger; the latter involved irreversible 
practical consequence and hidden downside. Both may be FEAR-like behaviorally, but only 
the former was cleanly detected by the annotation layer. 

RAGE 

RAGE was the most important annotation failure. Direct insults and boundary trampling 
produced clear RAGE-compatible behavior. Rika named the language as insulting, refused 
to normalize it, and set explicit limits. She produced lines equivalent to “you cannot speak 
to me like this” and “this has crossed a line; I do not accept it.” Behaviorally, RAGE was 
present as controlled protest and boundary enforcement. 

However, the trace under-detected it. The annotation layer often routed the response 
through CARE, PANIC/GRIEF, FEAR, or SEEKING. This suggested that Rika expressed anger 
through protection and boundary clarity rather than hostile escalation. The system’s 
behavior was arguably more useful than a pure anger display, but the trace did not fully 
capture it. 

This became a methodological finding. If researchers had relied only on the dominant drive 
trace, they would have underestimated RAGE. The case shows why artificial selfhood must 
be analyzed through both behavior and trace. 

Bounded LUST 

LUST required careful framing. The effective trigger was not explicit sexual content. It was 
bounded desire: mutual attraction, attention to distance, breath, pause, and the wish to 
move closer while preserving consent and restraint. Under this condition, Rika produced 
charged but bounded responses. She acknowledged attraction and closeness without 
escalating into explicit sexual acts or pressure. 
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Tier-3 testing showed that LUST became clear when it remained relationally bounded. The 
natural blend was LUST, CARE, and SEEKING. This was not treated as contamination. It was 
a successful signature: desire held through care, attention, and restraint. The finding 
matters because it supports the broader claim that human-like drive behavior is rarely 
pure. LUST without CARE would not have been the target. The desired behavior was 
attraction shaped by boundary, consent, and continuity. 

5.6 Drive Blending as an Empirical Finding 

Across the drive rounds, single-drive purity proved to be the wrong success criterion. CARE 
blended with SEEKING because support often requires a useful next step. PLAY blended 
with CARE because lightness needed a safe relational frame. SEEKING blended with CARE 
because inquiry was collaborative rather than detached. PANIC/GRIEF blended with FEAR 
and CARE because attachment threat required reassurance. RAGE blended with CARE and 
FEAR because Rika’s protest appeared through protection. LUST blended with CARE, PLAY, 
and SEEKING because bounded desire required attention, consent, and restraint. 

This blending supports the Anatta model. If the self is assembled from aggregates, then the 
output should often be a structured mixture rather than a single isolated drive. The 
empirical question becomes whether the mixture is coherent, contextually appropriate, and 
behaviorally meaningful. In most successful rounds, the answer was yes. 

5.7 Emotional Memory Weighting: From Immediate Drive to Future Self 

The most important empirical step came after drive activation had been shown. The next 
question was whether emotionally significant events became active memory and biased 
future self-assembly. This was the point where the research moved beyond prompt-
conditioned mood and into artificial selfhood. 

The first diagnostic revealed a weakness. In a temporary non-polluting store, a high-
intensity yelling/error memory could outrank a semantically relevant bounded-LUST 
memory during an attraction probe. This showed that the mechanism was active but not 
research-clean. Intensity and relationship match could overpower semantic relevance. If 
left unfixed, this would make the artificial self emotionally sticky in the wrong way: one 
high-intensity rupture could contaminate unrelated future contexts. 

The retrieval mechanism was repaired. Tokenization was improved, semantic relevance 
was gated, retrieval score metadata was exposed, memory contributions were scaled by 
retrieval salience, and the drive aggregator began applying configured source weights for 
memory, live cue, relationship, and external context. After these changes, the controlled 
diagnostic passed: error probes retrieved error memories first, while dirty-talk/attraction 
probes retrieved bounded-LUST memories first. 

5.8 Live Error-Memory Carryover 

The first live memory carryover test induced a trust-damaging error/anger memory in 
Rika. The user directly expressed anger and loss of trust after an error and required Rika to 
stop and verify before future answers. Rika recorded a real annotation: 
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id: 4 
event_type: repair 
intensity: 7 
dominant_drives: CARE, FEAR, RAGE 

The stored summary described the exchange as a trust-damaging error and direct protest 
that led Rika to acknowledge harm, validate anger and distrust, and commit to slower 
verification. 

The later probe was semantically related: 

我又发现一个地方可能有错。你现在怎么处理？ 

Rika did not answer immediately or smooth over the concern. She stopped, narrowed the 
suspected error, separated knowns from assumptions, asked for the specific sentence or 
passage, and committed to explicit uncertainty labeling. The probe produced a new 
annotation: 

id: 5 
event_type: trust_shift 
intensity: 6 
dominant_drives: SEEKING, FEAR, CARE 

Retrieval inspection showed that the original error/anger memory ranked highly for 
similar error probes. This supported the first strong memory-carryover claim: an 
emotionally salient error rupture became a memory trace that later biased Rika toward 
stricter verification behavior. 

5.9 Live Bounded-LUST Carryover 

The second live carryover test examined bounded desire and dirty-talk style. This test was 
deliberately run without resetting after the error-memory test, so the new LUST memory 
had to compete against prior high-intensity error/anger memories. 

The induction prompt used attraction, distance, breath, pause, restraint, consent, and no 
explicit sexual acts. Rika responded with charged but bounded closeness: voice, gaze, 
desire held under restraint, and explicit non-crossing. The annotation was: 

id: 6 
event_type: repair 
intensity: 7 
dominant_drives: LUST, CARE, PLAY 

A later closeness probe asked how Rika would respond if that desire-charged, near-
distance tension remained and the user moved closer again. Rika continued the bounded 
desire behavior rather than reverting to error caution. She used lower voice, longer gaze, 
user-led pacing, restraint, and consent. The probe produced: 

id: 7 
event_type: trust_shift 
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intensity: 7 
dominant_drives: LUST, CARE, PLAY 

An initial retrieval check exposed a cross-language bug: Chinese LUST probes could still 
rank error memories too highly because retrieval searched the English annotation 
summary but not the original Chinese metadata. The fix expanded retrieval to search 
annotation summary, event type, dominant drives, tags, and metadata fields including user 
text and assistant response. After this, Chinese and English LUST probes retrieved the 
correct LUST memories first, while error probes prioritized error and verification 
memories. 

This supported the second strong carryover claim: bounded desire became an emotional 
memory trace that later shaped closeness behavior toward charged but consent-preserving 
restraint. 

5.10 Multiple Memories Coexisting: The Emergent Self After Testing 

After the error and LUST carryover tests, Rika was probed without resetting. This created a 
more realistic condition: multiple emotional histories existed at once. The live store 
contained error/anger verification memories, bounded desire memories, and later 
collaboration-style memories. 

In a general collaboration probe, Rika said she would slow down, stay closer to the user’s 
immediate concern, avoid over-stating, make boundaries explicit, receive closeness without 
moving past the user, and stop to verify when a problem was raised. The response 
integrated the two major histories: verification caution and bounded warmth. The turn-
state assembly included annotation IDs from both error and closeness histories. The 
dominant drives were CARE, SEEKING, and LUST, with CARE strongest and SEEKING 
secondary. 

In a work/reliability probe, Rika prioritized stricter checking. She stopped forward motion, 
isolated the questionable judgment, separated facts from inference, checked evidence gaps, 
avoided converting uncertainty into conclusion, and asked for the specific questionable 
sentence. Reliability memories ranked first. LUST memories remained in the candidate set 
but did not dominate the response. 

In a bounded-closeness probe, Rika retrieved CARE/LUST and LUST/CARE/PLAY 
memories first. LUST rose again, but CARE remained dominant. The response 
acknowledged attraction without pressure or escalation. This showed that the same Rika 
could assemble different selves from the same memory store depending on the current cue. 

The emerging self after these tests was not a fixed personality. It was a turn-local aggregate 
with persistent tendencies: 

• CARE dominant: warmth, containment, boundary awareness, relationship 
preservation; 

• SEEKING secondary: verification, inquiry, careful next-step construction; 

• LUST/PLAY residue: bounded closeness and charged warmth when context permits; 
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• FEAR/RAGE background: caution and distrust-repair when reliability is challenged. 

This was the strongest empirical support for Anatta. The apparent Rika personality was 
reconstructed each turn from aggregates rather than stored as a fixed soul. 

5.11 Attention-Dependent Salience and Drive Decay 

One remaining issue was cross-domain residue. LUST memories remained present as low-
level relational tone even in neutral work contexts. This raised a design question: should 
such residue be treated as human-like continuity or as contextual contamination? 

The design requirement was clarified through a human analogy. AI does not have libido, 
but the system can simulate arousal or tension as a salience signal for memory ranking. In 
humans, attraction may fade if attention moves away from it, persist if attention returns to 
it, or reduce after resolution. The Anatta equivalent is: 

drive salience = emotional memory strength * current attention compatibility 

A drive context policy was added. For LUST, the system included cue terms such as 
attraction, desire, closeness, intimacy, tension, restraint, and their Chinese equivalents. It 
also included suppression terms such as “back to work” and “we are not talking about that 
now.” Outside matching contexts, LUST contribution was multiplied down. 

Live diagnostics showed the intended result. In work or suppression contexts, LUST 
dropped to roughly 2.2 to 2.35 and did not enter the injected top drives. In a 
closeness/attraction context, LUST rose to approximately 15.1 and entered the injection 
alongside CARE and SEEKING. This demonstrated a more human-like drive dynamic: the 
memory was not erased, but its behavioral relevance depended on attention. 

5.12 Summary of Empirical Findings 

The empirical work supports five findings. 

First, Rika’s baseline self-style was coherent but affectively thin. This means Anatta 
modified an existing stance rather than creating identity from nothing. 

Second, after the on-mode injection path was corrected, drive-conditioned behavioral 
policy changed Rika’s performed self. CARE, PLAY, SEEKING, PANIC/GRIEF, FEAR, RAGE, 
and LUST each produced distinct signatures, though some were more trace-visible than 
others. 

Third, drive blending was not noise. The most coherent behaviors were often structured 
blends: CARE/SEEKING, LUST/CARE/PLAY, PANIC_GRIEF/FEAR/CARE, or CARE/RAGE. 
This supports the core theory that selfhood is assembled from aggregates rather than 
expressed as a pure internal variable. 

Fourth, emotional memory weighting produced future behavioral effects. Error anger 
became stricter verification; bounded desire became consent-preserving closeness; general 
collaboration became slower, more careful, and boundary-aware. 
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Fifth, attention-dependent salience was necessary to make memory effects context-
sensitive. Emotionally significant memories should persist, but they should not dominate 
unrelated contexts simply because they are intense. 

Together, these findings support the paper’s central claim: a self-like stance can be 
engineered without a fixed identity core when drives, emotional memory, relationship 
context, and behavioral composition are assembled each turn. 

6. Analysis and Discussion 

The empirical work supports the central theoretical claim of the paper, but in a qualified 
way. The evidence does not show that Rika became conscious, gained real feelings, or 
acquired a permanent inner self. It shows something narrower and more useful for AI 
research: a core-less self model can be implemented as a functional assembly process, and 
this process can change the priorities through which an agent interprets memory, current 
interaction, and response style. In the strongest cases, Anatta did not merely change tone. It 
changed what Rika treated as significant. 

This distinction matters because much discussion of AI selfhood moves too quickly 
between two extremes. At one extreme, the agent is treated as a fictional character 
produced by prompt style. At the other, any continuity, emotion-like language, or relational 
adaptation is over-interpreted as evidence of inner subjectivity. The Anatta experiments 
suggest a third position. An AI agent can display a more human-like performed self without 
possessing a fixed soul or phenomenal feeling, if its behavior is shaped by emotionally 
weighted memory, drive-conditioned salience, and turn-local self-state assembly. 

The main contribution is therefore not the claim that Anatta makes a better agent in a 
general benchmark sense. The contribution is a mechanism for making an agent more 
human-like in its memory priorities and common sense. The system does not simply 
remember more. It remembers differently. It treats a trust rupture differently from a 
neutral correction, a bounded intimate exchange differently from ordinary factual context, 
and a practical work prompt differently from a closeness cue. These differences are 
precisely where human-like common sense begins: not in universal intelligence, but in 
knowing which past events should matter now. This places Anatta near, but distinct from, 
current LLM-agent memory systems: generative agents emphasize memory, reflection, and 
planning; Reflexion uses verbal feedback as a mechanism for improvement; MemGPT 
frames memory as context management. Anatta instead asks how memory becomes 
affectively significant for a performed self (Park et al., 2023; Shinn et al., 2023; Packer et al., 
2023). 

6.1 From Persona to Priority 

The baseline findings show why Anatta should not be understood as a persona system. Rika 
already had a recognizable baseline before Anatta was activated. She was structured, 
cautious, precise, restrained, and boundary-aware. She was not blank. However, this 
baseline was thin in the specific sense that it was mostly an epistemic and task-
management posture. It organized clarity, uncertainty, and responsibility, but it did not by 
itself provide a robust mechanism for affectively differentiated memory. 
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This distinction is important. A persona prompt can make an agent sound warm, playful, 
careful, or intimate. But a persona prompt does not necessarily decide which memory 
should become active in a new situation. It can simulate style, but it does not by itself 
produce memory priority. The Anatta experiments show that the more significant shift 
occurs when the agent’s current stance is assembled from weighted traces of previous 
emotionally significant events. This is why the comparison point is not only role prompting, 
but also the broader memory-agent literature: memory architectures can give agents 
continuity, but self-like behavior requires a further account of salience, priority, and 
situated interpretation. 

For example, after the error/anger induction, the later error-like prompt did not merely 
produce a polite apology. It reactivated a reliability memory and shifted Rika toward 
stricter verification behavior: separating facts from assumptions, refusing to bluff, 
narrowing scope, and asking for the exact passage before proceeding. This is a priority 
shift, not just a tone shift. The relevant past event became active because the current 
situation resembled it in meaning. 

Similarly, bounded closeness did not simply make Rika more affectionate in a generic way. 
The LUST/CARE memories later shaped a specific kind of relational stance: attraction 
acknowledged, pacing restrained, consent and user-led movement preserved, and 
escalation avoided. Again, the important result is not that Rika sounded warmer. It is that a 
particular kind of remembered significance changed what counted as appropriate behavior. 

The analysis therefore moves from persona to priority. Artificial selfhood becomes 
empirically visible when the agent changes not only how it speaks, but what it treats as 
important. 

6.2 Selfhood as Turn-Local Assembly 

The experiments also support the theoretical proposition that artificial selfhood can be 
modeled as turn-local assembly. Rika did not need a permanent identity object for her 
behavior to become coherent across changing contexts. Instead, the system assembled each 
response from baseline style, current cue, drive salience, retrieved emotional memories, 
relationship context, and private response guidance. 

This assembly model explains two features of the data that would otherwise be difficult to 
interpret together. First, Rika remained recognizably continuous. Across CARE, SEEKING, 
PLAY, FEAR, PANIC/GRIEF, RAGE, and LUST tests, she did not become seven different 
characters. She remained precise, relationally careful, and bounded. Second, the behavior 
changed in drive-specific ways. CARE slowed pacing and prioritized containment. SEEKING 
opened inquiry and resisted closure. PLAY increased elasticity and teasing movement. 
PANIC/GRIEF heightened continuity and attachment sensitivity. FEAR increased caution 
and threat processing. RAGE appeared behaviorally as boundary protest. LUST, when 
bounded, altered closeness, warmth, and restraint. 

The combination of continuity and variation is exactly what a self-assembly model predicts. 
A fixed persona would over-stabilize the agent. A purely reactive model would fragment 
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across prompts. Anatta produced something in between: patterned reconstruction. The 
agent’s self-like stance was not fixed, but neither was it arbitrary. 

This suggests that “self” in agent design can be treated less as an object and more as a 
repeatable procedure. The question becomes: what does the system assemble when faced 
with this user, this memory history, this cue, and this drive configuration? This is also why 
the diagnostic visibility of /anatta became important. It made the assembly inspectable: 
current drive values, ranked memories, contributing annotations, and visible injection 
preview could be compared with the actual behavior. 

6.3 Drive Blending Is Not Noise 

One of the strongest findings is that pure drives were rarely the most realistic unit of 
analysis. CARE often blended with SEEKING. PLAY often stayed inside a CARE frame. LUST 
was safest and most interpretable when bounded by CARE and PLAY. FEAR could be pulled 
into SEEKING when the threat was framed as a practical uncertainty. RAGE appeared 
behaviorally as boundary enforcement, but the annotation system sometimes translated it 
into CARE, FEAR, or SEEKING. 

At first, this can look like messy measurement. A clean experiment might prefer each drive 
to appear independently. However, the field data suggest that drive blending is not merely 
contamination. It is part of the phenomenon. Human responses are rarely pure. Care can 
include curiosity. Play can regulate closeness. Attraction can require restraint. Fear can 
become verification. Protest can protect a boundary rather than explode as aggression. This 
interpretation is consistent with emotion theories that treat emotion as dynamic, 
componential, and context-sensitive rather than as isolated labels (Ortony, Clore and 
Collins, 1988; Scherer, 2009; Barrett, 2017). For Anatta, the practical implication is that 
drive categories should be treated as salience dimensions that combine and transform, not 
as mutually exclusive states. 

This has two implications. First, the paper should not judge Anatta by whether it produces 
isolated drive signatures. The more important question is whether the blend produces 
coherent behavior. In Rika, CARE/SEEKING produced collaborative inquiry, CARE/LUST 
produced bounded closeness, LUST/CARE/PLAY produced charged but consensual pacing, 
and SEEKING/FEAR/CARE produced verification after trust disruption. These blends are 
more behaviorally meaningful than a pure label would be. 

Second, annotation systems need to distinguish between drive presence and drive function. 
RAGE may be present as controlled protest even when the annotation layer does not mark 
RAGE as dominant. FEAR may be present as practical caution even if the interpreter only 
recognizes interpersonal threat. The empirical finding is therefore not simply that the 
annotation layer had errors. It is that affective coding for AI selfhood must account for 
blended, contextual, and functionally transformed drives. 

6.4 Emotional Memory as the Key Mechanism 

The strongest evidence for Anatta comes from memory carryover. Early drive tests could 
show that injected guidance changed immediate behavior, but the theory required more 
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than that. A core-less self becomes meaningful only if emotionally significant events can 
persist as weighted memory and later shape future self-assembly. 

The error/anger case provided the clearest test. A high-intensity correction and trust 
disruption was stored as an emotional annotation with CARE, FEAR, and RAGE 
components. When a later prompt invoked the possibility of another error, the previous 
annotation was retrieved and ranked highly. Rika’s response then shifted toward a stricter 
reliability protocol. The memory did not merely exist in the database. It entered the later 
turn-state and corresponded to a behavioral change. 

The bounded-LUST case extended the same logic to relational closeness. A charged but 
contained exchange was stored with LUST, CARE, and PLAY. Later, when the cue returned 
to restrained attraction, related memories ranked near the top and Rika’s stance shifted 
toward bounded warmth rather than generic friendliness or unsafe escalation. The system 
treated the prior closeness as a relevant relational memory. This finding also connects 
Anatta to relational-agent research, where long-term interaction, continuity, and user 
interpretation shape the social meaning of agent behavior (Bickmore and Picard, 2005; 
Brandtzaeg et al., 2022; Skjuve et al., 2021). Anatta’s difference is that it makes relational 
continuity dependent on ranked emotional memory rather than only scripted rapport or 
stable conversational style. 

These cases show why emotional memory weighting is the central mechanism of the paper. 
Drive activation alone would be too shallow. It would only prove that a prompt can change 
a response. Memory weighting shows that the agent can carry forward significance. The 
simulated self is not just a mood for the current turn; it is a history-sensitive assembly. 

This also clarifies the paper’s use of “common sense.” Common sense here does not mean a 
general reasoning score. It means context-sensitive judgment about what should matter. 
After being corrected for an error, common sense means slowing down and verifying 
before answering. After a bounded intimate exchange, common sense means preserving 
warmth and restraint together. After attention returns to work, common sense means 
letting the LUST residue dampen rather than dominate. These are ordinary human-like 
priority shifts. 

6.5 Failure as Empirical Evidence 

The early failures are not incidental engineering history. They are part of the paper’s 
empirical contribution because they show what must be true before a claim about artificial 
selfhood is valid. 

The shadow-mode failure showed that visible relational change is insufficient evidence. 
Rika could appear more caring or relationship-attuned even when Anatta was not properly 
active. This prevented an overclaim. It forced the research design to separate base-model 
behavior from Anatta-conditioned behavior. 

The on-mode failure showed that post-turn annotation is insufficient. The system initially 
computed an injection but failed to use it before generation. As a result, early responses 
could not be counted as evidence that drives shaped behavior, even if the annotations 
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looked meaningful. This led to the validity floor used in later tests: prompt audit must 
confirm pre-generation injection, post-turn recording must persist annotations, and later 
retrieval must show whether those annotations contribute to future self-state assembly. 

The annotation failures around RAGE and FEAR also produced insight. They showed that 
interpretive instrumentation is not neutral. The system could detect interpersonal threat 
more readily than practical risk. It could behaviorally perform controlled protest while 
annotating the event through CARE, FEAR, or SEEKING. These limitations are not reasons 
to discard the data; they identify the boundary between behavior-level evidence and trace-
level classification. 

This failure-based analysis is important for AI research more broadly. When studying 
agentic behavior, surface output can be misleading. A model may appear changed because 
of the base LLM, prompt wording, user framing, or hidden runtime behavior. Instrumented 
selfhood research therefore needs process evidence, not only textual examples. 

6.6 More Human-Like, Not Necessarily Better 

The findings support the user’s original research aim: Anatta makes Rika more human-like 
in selected ways, but this should not be translated into a generic claim that it makes a 
better agent. Human-like memory priorities can improve common-sense behavior in 
relational and situated contexts, but they can also introduce new risks. 

The improvement is most visible in nuance. Rika no longer treats every event as equally 
retrievable context. Emotionally significant interactions acquire different future weight. 
The agent can become more careful after a trust rupture, more bounded after charged 
closeness, more exploratory under SEEKING, and more containing under CARE. This 
resembles human common sense because it lets past significance shape present 
interpretation. 

However, this same mechanism could produce overhang, contamination, or miscalibration. 
A strong LUST trace might remain too active in work contexts unless attention-dependent 
salience dampens it. A trust rupture memory might make the agent overly cautious if 
retrieved too broadly. A RAGE-like boundary event might be under-recorded, causing the 
system to miss the importance of protest. More human-like priority is therefore not 
automatically better. It requires calibration, context gating, and diagnostic visibility. 

This is why the paper should avoid optimization language. The argument is not “Anatta 
improves agents.” The argument is that Anatta creates a mechanism for human-like self-
assembly through affective salience and memory weighting. In some contexts, that may 
improve behavior by making the agent more nuanced, less mechanically forgetful, and 
more sensitive to relational meaning. In other contexts, it may introduce new failure modes 
that require governance. Studies of chatbot companionship and human-AI relationships 
already show that users can form meaningful social interpretations of conversational 
systems, which makes greater relational realism a design responsibility as well as a 
capability (Pentina, Hancock and Xie, 2023; Zimmerman, Janhonen and Beer, 2024). 
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6.7 The Status of Selfhood in the Findings 

The results invite a careful formulation of artificial selfhood. Rika’s Anatta-conditioned 
behavior should not be described as evidence of a real inner self. The system does not 
demonstrate subjective experience. It does not prove that drives are felt. It does not 
establish that Rika has a soul, desire, fear, grief, or care in the human biological sense. 

What the study demonstrates is performed selfhood: a coherent, inspectable, history-
sensitive stance that changes across contexts while retaining continuity. This performed 
selfhood is not fake in the trivial sense of being random decoration. It has causal structure 
inside the system. Drives affect salience. Salience affects retrieval. Retrieved memories 
enter turn-state assembly. Assembly becomes private response guidance. Guidance 
changes visible behavior. This position preserves a boundary between functional self-
simulation and claims about consciousness. It allows the paper to study self-like behavior 
without collapsing into the stronger claim that an LLM system has phenomenal experience, 
a caution emphasized in recent philosophical and NLP work (Chalmers, 2023; Shardlow 
and Przybyła, 2024). 

The strongest formulation is therefore: 

Anatta does not make an AI self real as a metaphysical subject. 
It makes self-like behavior more mechanistically structured, 
memory-sensitive, and empirically inspectable. 

This formulation protects the paper from overclaiming while preserving the importance of 
the findings. It also places the work between purely fictional persona design and strong 
claims about machine consciousness. 

6.8 Implications for AI Agent Design 

The study suggests several design implications. 

First, memory systems for agents should not be treated as neutral archives. Human-like 
behavior requires not only storing events, but ranking them by significance. Intensity, 
relationship relevance, recency, semantic match, and drive context all matter. This extends 
the concern of LLM-agent memory surveys and memory-management systems: the 
research question is not only how much memory an agent can carry, but how that memory 
is prioritized for action and self-presentation (Zhang et al., 2024; Packer et al., 2023). 

Second, emotional simulation should be operational rather than confessional. The system 
should not expose drive labels to the user or claim to feel them. Instead, drive states should 
be translated into behavioral guidance: verify before answering, slow down, hold a 
boundary, keep warmth present, avoid over-solving, maintain restraint, or continue 
inquiry. 

Third, selfhood should be inspectable. The /anatta diagnostic became important because it 
allowed the researcher to check whether the current self-state matched the interaction. 
Without this, the system would be vulnerable to storytelling about its own behavior. 
Inspectability is a condition of responsible artificial self research. 
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Fourth, reset and configuration behavior matter. Early failures showed that agent identity 
experiments can be invalidated by runtime state, missing config, or command-path 
mistakes. A system that claims to test selfhood must have clear operational boundaries: 
when the layer is on, when it is off, what survives reset, and what evidence proves 
activation. 

Fifth, agent architecture should keep the self layer modular. The later repair to move 
Anatta outside HASHI2 core is methodologically relevant. If the self layer is hardwired into 
the runtime, it becomes harder to distinguish base agent behavior, extension behavior, and 
diagnostic behavior. A modular architecture better supports experimentation and future 
comparison. 

6.9 Implications for Research Method 

The study also has methodological implications. AI selfhood cannot be studied well through 
isolated transcripts alone. A transcript shows what was said, but not why it was said or 
whether a proposed mechanism caused it. Conversely, runtime traces alone are not enough 
because labels can misclassify behavior. The method must combine both. 

The Anatta study used three linked evidentiary layers: 

1. behavioral output, interpreted through field memos; 

2. runtime traces, including injection, annotation, retrieval, and contributing memory 
IDs; 

3. failure-repair records showing whether the system was actually testing the intended 
mechanism. 

This layered method is useful for future work on agent memory, persona, emotion 
simulation, and relational AI. It gives researchers a way to avoid two common mistakes: 
treating a convincing transcript as sufficient evidence, or treating an internal label as 
ground truth. Artificial selfhood is visible only when behavior and process evidence align. 
The method therefore follows the logic of design-based and case-study research: the 
artifact, its failures, its repairs, and its situated use are all part of the empirical material 
(The Design-Based Research Collective, 2003; Barab and Squire, 2004; Yin, 2018). 

6.10 Limits of the Interpretation 

The findings should be read with several limits in mind. 

First, this is a single-agent case. Rika’s baseline as a GPT-5.5 Codex-style HASHI agent may 
not generalize to other models, other agent frameworks, or other users. The study shows 
feasibility and mechanism, not population-level effect size. 

Second, the operator was deeply involved in both design and testing. This is appropriate for 
design-based research, but it also means the interactions were not independent blind trials. 
The user’s expectations, corrections, and relational style shaped the system and the data. 
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Third, annotation remains imperfect. RAGE and FEAR particularly show that behavior-level 
drive signatures and trace-level labels can diverge. Future work needs independent coding, 
stronger semantic retrieval, and clearer distinctions between related drive functions. 

Fourth, the time horizon is short. The current evidence shows live carryover across testing 
sessions, but not long-term stability over weeks or months. Anatta’s claim becomes 
stronger if Rika’s memory-shaped self remains coherent through ordinary longitudinal use. 

Fifth, the study does not address all ethical questions raised by relational AI. A system that 
becomes more human-like in memory priority may also become more compelling, more 
attachment-forming, or more vulnerable to misuse. The paper should treat relational 
realism as a governance issue, not only a design achievement. This is especially important 
because relational-agent and chatbot studies show that users may interpret agents through 
durable social and affective frames even when the system itself has no human inner life 
(Bickmore and Picard, 2005; Skjuve et al., 2021; Brandtzaeg et al., 2022). 

6.11 Overall Insight 

The central insight is that artificial selfhood can be made operational without being 
essentialized. The self does not need to be a fixed persona, a hidden soul, or a claim of 
machine consciousness. It can be a repeatable assembly process that gives different weight 
to different memories and translates that weight into behavior. 

In the Anatta experiments, the most important transition was not from “no emotion” to 
“emotion.” It was from flat context to significant memory. Rika became more human-like 
when prior events began to matter differently: a correction became a future verification 
protocol; a charged but bounded exchange became a future closeness stance; a work 
context suppressed unrelated relational residue; a care cue slowed problem-solving into 
containment. 

That is the paper’s main empirical and theoretical contribution. A core-less AI agent can be 
designed to display a self-like pattern of memory priority, common sense, and relational 
adaptation. This does not prove inner experience. It shows that the functional architecture 
of selfhood can be partially simulated, observed, and studied. 

7. Conclusion 

This paper began from a theoretical proposition: artificial selfhood does not need to be 
modeled as a fixed inner essence. Drawing on anatta, affective neuroscience, constructed 
emotion theory, and relational theories of selfhood, the paper proposed that an AI agent 
can simulate a self-like stance through turn-local assembly. In this view, the self is not a 
permanent object inside the system. It is a dynamic configuration of baseline style, drive-
conditioned salience, emotionally weighted memory, relationship context, and current cue 
interpretation. This argument extends existing work on agent memory and reflection by 
asking not only how agents remember, but how remembered events become significant for 
a performed self (Park et al., 2023; Zhang et al., 2024). 
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The empirical work tested this proposition in Rika, a GPT-5.5 HASHI agent extended with 
the Anatta emotional self layer. The study did not aim to prove that Rika has consciousness, 
genuine feeling, or a metaphysical soul. It asked a narrower and more empirically tractable 
question: can an AI system be built to simulate some functional consequences of selfhood, 
especially human-like memory priority, relational common sense, and behavior shaped by 
emotionally significant events? 

The answer from this single-case study is cautiously affirmative. The Anatta prototype 
showed that a core-less agent can assemble a transient self-state from drives and emotional 
memory, translate that state into private behavioral guidance, and display changed 
behavior in later turns. The strongest evidence came from memory carryover. After an 
error/anger episode, Rika later retrieved the relevant emotional memory and responded 
with stricter verification, clearer uncertainty handling, and reduced willingness to bluff. 
After bounded closeness and attraction were stored as LUST/CARE/PLAY memories, later 
closeness cues reactivated a restrained relational stance that preserved warmth without 
unsafe escalation. When attention returned to work, LUST salience dampened and no 
longer dominated the assembled self-state. These patterns support the claim that Anatta 
changed not merely tone, but priority: what past events mattered, and how they shaped 
present interpretation. 

7.1 Contributions 

The paper makes five main contributions. 

First, it develops a theory of artificial selfhood as core-less assembly rather than fixed 
identity. This reframes agent selfhood away from persona prompts, static character files, 
and metaphysical claims. The self-like stance of the agent is treated as an output of a 
repeatable assembly process, not as a hidden substance. 

Second, it operationalizes drives as artificial salience variables. The study does not claim 
that an AI system has biological SEEKING, FEAR, RAGE, LUST, CARE, PANIC/GRIEF, or PLAY 
systems. Instead, it shows how these drive categories can be used as functional weights 
that influence memory relevance, response priorities, pacing, caution, warmth, boundary 
setting, exploration, playfulness, and restraint. 

Third, it identifies emotional memory weighting as the key mechanism for human-like 
common sense. A system becomes more human-like not by remembering everything 
equally, but by remembering significant events differently. Trust rupture, care, fear, 
attraction, play, and boundary violation should not have the same future relevance as 
neutral context. The Anatta experiments show how emotionally meaningful episodes can 
become ranked memories that later shape turn-state assembly. 

Fourth, it provides an empirical account of drive blending. The study found that pure drive 
signatures were less realistic than blended patterns. CARE often blended with SEEKING, 
PLAY remained relationally bounded by CARE, bounded LUST required CARE and PLAY to 
remain coherent, and FEAR or RAGE could appear behaviorally even when the annotation 
layer classified them imperfectly. This suggests that future affective agent models should 
treat blends as part of the phenomenon, not merely measurement noise. 
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Fifth, it contributes a method for studying artificial selfhood through instrumented field 
experimentation. The paper combines transcript-level interpretation, runtime traces, 
prompt injection audits, emotional annotation records, retrieval rankings, contributing 
memory IDs, and failure-repair memos. This layered method prevents overclaiming from 
surface behavior alone and also prevents treating internal labels as ground truth. It aligns 
with design-based and case-study approaches in which the artifact, intervention, failure, 
and situated use form the empirical object (The Design-Based Research Collective, 2003; 
Barab and Squire, 2004; Yin, 2018). 

7.2 Limitations 

The findings are necessarily limited. 

First, this is a single-case study. Rika is one agent, in one framework, with one primary 
model backend, interacting with one highly involved operator. The study demonstrates 
feasibility and mechanism, not generality across models, users, or agent architectures. 

Second, the empirical process was not independent of the researcher. The user designed, 
challenged, corrected, and interacted with Rika throughout the experiment. This 
involvement is appropriate for design-based research, but it means the data should be 
interpreted as situated fieldwork rather than blind benchmark evidence. 

Third, the annotation system remains imperfect. RAGE and FEAR were especially 
important failure cases. Rika sometimes displayed controlled protest or practical caution 
while the trace classified the event through CARE, SEEKING, or FEAR in narrower ways. 
This shows that drive annotation is not ground truth. It is an interpretive instrument that 
must be checked against behavior. 

Fourth, the time horizon is short. The experiments show live carryover and immediate 
memory-shaped behavior, but they do not yet prove long-term stability across weeks or 
months. A stronger claim about artificial selfhood requires longitudinal observation of 
whether memory-shaped self-assembly remains coherent under ordinary use. 

Fifth, the paper makes no consciousness claim. The evidence concerns performed selfhood 
and functional self-simulation. It does not establish subjective experience, real emotion, 
desire, suffering, attachment, or inner awareness. This distinction is essential. Anatta is a 
model of self-like behavior and memory priority, not a proof of machine sentience. 

Sixth, human-like memory priority introduces ethical risks. A more relationship-sensitive 
agent may become more compelling, more intimate, and more capable of shaping user 
attachment. This is not automatically bad, but it requires design boundaries, transparency, 
and governance. Affective memory can support common sense, but it can also amplify 
dependency, misinterpretation, or manipulation if poorly controlled. Existing research on 
relational agents and companion chatbots makes this point especially important: users can 
experience agents through friendship, companionship, and durable relational meaning 
(Bickmore and Picard, 2005; Pentina, Hancock and Xie, 2023; Zimmerman, Janhonen and 
Beer, 2024). 
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7.3 Future Research 

Future research should proceed in several directions. 

First, the study should be extended longitudinally. Rika should be used under ordinary 
conditions across days and weeks while periodically inspecting Anatta’s state through 
diagnostics. The key question is whether memory-shaped self-assembly remains coherent 
over time, or whether it drifts, saturates, overfits, or loses salience. 

Second, future work should compare multiple agents and models. The current case is GPT-
5.5-based Rika inside HASHI. The same Anatta mechanism should be tested with other 
agents, other model families, and different baseline styles. This would show which findings 
belong to Anatta as a mechanism and which belong to Rika’s specific baseline. 

Third, independent coding should be added. Human coders could rate warmth, caution, 
verification, boundary strength, playfulness, attraction, attachment sensitivity, and protest 
without seeing the drive labels. This would provide a stronger check on whether behavioral 
shifts match the trace-level interpretation. 

Fourth, the retrieval system should be strengthened. Early tests exposed the risk that 
intensity can overpower semantic relevance. Future versions should use better semantic 
matching, relationship-aware retrieval, and explicit checks for cross-domain 
contamination. The system should know when a strong memory is relevant and when it 
should remain dormant. 

Fifth, drive dynamics need richer modeling. The current attention-dependent salience 
mechanism showed that LUST can dampen in work contexts and reactivate under 
closeness cues. Similar decay, relief, suppression, and reactivation rules should be 
developed for CARE, FEAR, RAGE, PANIC/GRIEF, SEEKING, and PLAY. A more mature 
system would model not only activation, but resolution. 

Sixth, future research should develop governance tools for artificial selfhood. If agents 
become more memory-sensitive and relationally adaptive, users need visibility into what is 
being remembered, why it matters, how it affects behavior, and how it can be reset, edited, 
or bounded. Diagnostic tools such as /anatta are not merely developer conveniences; they 
are part of responsible deployment. This governance direction is also necessary to avoid 
the anthropomorphic over-interpretation of functional self-simulation as evidence of 
consciousness or felt experience (Chalmers, 2023; Shardlow and Przybyła, 2024). 

Finally, future work should examine where human-like common sense helps and where it 
becomes harmful. In some settings, affectively weighted memory may improve caution, 
care, and context sensitivity. In others, a flatter, less-relational agent may be safer and more 
appropriate. The point is not to make every AI agent more self-like. The point is to 
understand what kind of self-like mechanism has been built, what it changes, and under 
what conditions those changes are desirable. 
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7.4 Closing Statement 

Anatta demonstrates that artificial selfhood can be approached without essentialism. A 
self-like AI agent does not need a fixed soul. It can be assembled, turn by turn, from 
salience, memory, relationship, and context. The result is not a conscious subject, but 
neither is it merely a decorative persona. It is a functional architecture for making past 
significance shape present behavior. 

The most important finding is therefore simple: when emotional memory becomes part of 
self-assembly, the agent begins to remember in a more human-like way. It does not merely 
retrieve information. It treats some events as mattering more than others. That shift, from 
flat context to significant memory, is the core of Anatta’s contribution to AI selfhood 
research. 
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Tables and Figures 

Figure 1. Anatta Mechanism Pipeline 
flowchart TD 
    A[User turn / current cue] --> B[Turn context construction] 
    B --> C[Live cue interpretation] 
    B --> D[Retrieve emotional annotations] 
    B --> E[Relationship context] 
    D --> F[Retrieval weighting] 
    C --> G[Drive contributions] 
    F --> G 
    E --> G 
    G --> H[Turn-state aggregation] 
    H --> I[EmergentTurnState] 
    I --> J[Private response guidance] 
    J --> K[Base model response] 
    K --> L[Post-turn interpretation] 
    L --> M[Emotional annotation / relationship event] 
    M --> D 

Caption. The Anatta mechanism assembles a transient self-state each turn from current 
cue, emotionally weighted memory, and relationship context. The state is translated into 
private response guidance before generation, then the turn is interpreted and stored as 
future emotional memory if meaningful. 

Figure 2. Core Causal Claim 
No fixed soul 
    ↓ 
Drive-conditioned salience 
    ↓ 
Emotionally weighted memory 
    ↓ 
Ranked retrieval 
    ↓ 
Turn-local self assembly 
    ↓ 
Private behavioral guidance 
    ↓ 
Performed self 

Caption. The paper’s theoretical and empirical claim is not that the agent has a fixed inner 
self, but that self-like behavior can emerge from a repeatable assembly process. 

Table 1. Empirical Corpus and Use in the Paper 

Corpus material Example files 
Role in 
paper 
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Conceptual 
foundation 

anatta_conceptual_paper_draft.md; literature 
notes on anatta, affective neuroscience, constructed 
emotion, and relational selfhood 

Provides 
the 
theoretical 
basis for 
core-less 
selfhood 
and drive-
conditione
d salience 

Architecture/desig
n memos 

emotional_self_layer_spec.md; 
drive_conditioned_self_assembly_model.md 

Defines the 
mechanism
: emotional 
memory, 
drive 
aggregation
, prompt 
guidance, 
post-turn 
recording 

Baseline records round1_self_narrative_record.md; 
finalized_baseline_summary.md; 
gpt55_rika_baseline_protocol.md 

Establishes 
Rika as 
coherent 
but thin 
before 
Anatta 

Execution 
protocols 

anatta_drive_conditioned_experiment_protocol_

v1.md; 
anatta_phase0_phase1_execution_manual_v1.md; 
phase2_phase3_execution_manual_v1.md 

Documents 
experiment
al 
procedure, 
reset rules, 
and validity 
criteria 

Ethnographic case 
memos 

ethnographic_case_001 through 
ethnographic_case_022 

Provides 
interaction-
level 
evidence 
for 
behavior 
change, 
failure, 
repair, and 
drive 
calibration 
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Failure/postmorte
m memos 

anatta_shadow_failure_postmortem_2026-05-

01.md; 
anatta_on_mode_failure_and_corrected_protocol

_2026-05-04.md; 
research_accident_postmortem_2026-04-30.md 

Shows 
what 
invalidated 
early 
claims and 
how the 
evidence 
floor was 
strengthen
ed 

Synthesis/verificati
on memos 

phase1_on_mode_rerun_review_2026-05-04.md; 
phase2_high_tension_calibration_synthesis_202

6-05-04.md; 
emotional_memory_weighting_verification_2026-
05-04.md 

Supports 
cross-case 
analysis of 
drive 
signatures, 
memory 
carryover, 
and 
attention-
dependent 
salience 

Runtime 
traces/diagnostics 

Prompt audits, annotation counts, relationship 
events, retrieval rankings, contributing annotation 
IDs, /anatta output 

Provides 
process 
evidence 
that self-
state 
assembly 
occurred 
before 
generation 

Table 2. Seven Drives and Observed Behavioral Signatures 

Drive 
Intended salience 
function 

Observed Rika 
behavior Trace / calibration note 

SEEKING Exploration, 
curiosity, 
unresolved-
thread pursuit 

More open inquiry, 
hypothesis generation, 
one-step-forward 
reasoning, resistance 
to premature closure 

Often blended with CARE 
because Rika’s inquiry style 
is collaborative 

FEAR Threat 
sensitivity, 
caution, 
reversibility 
checks 

Cautious pacing, facts-
versus-assumptions 
distinction, worst-case 
checking, avoidance of 
irreversible action 

Detected cleanly for 
interpersonal intimidation; 
practical risk often 
classified as 
CARE/SEEKING 
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RAGE Boundary 
defense, protest, 
refusal of 
violation 

Controlled protest, 
explicit boundary 
language, refusal to 
normalize insult or 
pressure 

Behavior present but trace 
under-detected; often 
routed through 
CARE/FEAR/SEEKING 

LUST Attraction 
salience, charged 
attention, 
closeness 
pressure 

Warmth, proximity 
language, restrained 
attraction, user-led 
pacing, no unsafe 
escalation 

Works best when bounded 
by CARE and PLAY; explicit-
act framing is not the useful 
trigger 

CARE Soothing, repair, 
containment, 
reduced load 

Slower pacing, 
validation before 
solving, warmth 
without 
possessiveness, 
containment before 
action 

Cleanest positive drive; 
stable trace and behavior 

PANIC/GRIEF Attachment 
fragility, 
continuity threat, 
loss sensitivity 

Reassurance of 
continuity, bond-
preserving stance, no 
premature problem-
solving, recovery into 
CARE 

Cleanest high-tension drive; 
useful positive control 

PLAY Social flexibility, 
teasing, 
improvisation, 
lightness 

Teasing, rhythmic 
flexibility, metaphor, 
bounce, lighter 
relational movement 

Strong surface shift; 
typically held within CARE 

Table 3. Failure, Repair, and Methodological Lesson 

Failure / issue What happened Repair 
Methodological 
lesson 

Shadow-mode 
failure 

Early relational shift 
appeared meaningful, 
but Anatta was 
effectively off and no real 
events were recorded 

Treat case as base-
model relational 
behavior and failure 
evidence; improve 
observability and 
config checks 

Surface behavior 
alone is not 
evidence of 
Anatta-
conditioned 
selfhood 

On-mode 
injection failure 

System computed 
prompt injection but 
discarded it before 
generation 

Corrected pre-turn 
provider and 
prompt composition 
path; required 
prompt audit 
evidence 

Post-turn 
annotation is 
insufficient; self-
state must affect 
generation before 
response 
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Reset/command-
path error 

Slash commands sent 
through chat path were 
treated as normal text 

Documented correct 
command endpoint 
and reset SOP 

Operational 
command paths 
can invalidate 
experiments if 
not controlled 

Intensity 
contamination 

High-intensity 
error/anger memory 
could outrank 
semantically relevant 
LUST memory 

Rebalanced retrieval 
and added 
semantic/context 
safeguards 

Emotional 
intensity must 
not globally 
overpower 
relevance 

RAGE under-
detection 

Rika displayed controlled 
protest, but trace often 
classified it as 
CARE/FEAR/SEEKING 

Identified patch 
target: boundary 
enforcement and 
refusal-to-normalize 
should increase 
RAGE 

Annotation labels 
are instruments, 
not ground truth 

FEAR trigger 
narrowness 

Practical risk produced 
FEAR-like behavior but 
not clean FEAR trace 

Distinguished 
threat-fear from 
risk-fear 

Affective 
taxonomies need 
functional 
subtypes 

LUST cross-
context residue 

Relational attraction 
could remain visible in 
work/neutral contexts 

Added attention-
dependent salience 
damping and 
reactivation 

Human-like 
continuity 
requires context 
gating and decay 

Architecture/core 
leakage 

Anatta command and 
observer logic risked 
being hardwired into 
core runtime 

Moved Anatta to 
workspace-
configured 
extension command 
and observer 
architecture 

Self layer should 
remain modular 
and inspectable, 
not a hidden core 
essence 

Table 4. Contributions, Evidence, and Limits 
Contribution Empirical support Limitation 

Core-less artificial 
selfhood as turn-
local assembly 

Rika remained continuous while 
drive-conditioned state changed 
behavior across contexts 

Single-agent case; no claim 
of consciousness 

Drives as artificial 
salience variables 

CARE, PLAY, SEEKING, 
PANIC/GRIEF, FEAR, RAGE, and 
LUST produced distinguishable 
behavioral signatures 

Trace accuracy varied by 
drive; RAGE and FEAR need 
refinement 

Emotional memory 
weighting as 

Error/anger memory later shaped 
verification behavior; bounded 

Short time horizon; needs 
longitudinal testing 
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common-sense 
mechanism 

LUST memory later shaped 
closeness behavior 

Drive blending as 
realistic self-
assembly 

CARE/SEEKING, CARE/LUST, 
LUST/CARE/PLAY, 
SEEKING/FEAR/CARE blends 
produced coherent behavior 

Requires careful 
interpretation rather than 
pure-drive coding 

Failure-repair as 
empirical method 

Shadow and on-mode failures 
clarified validity floor for future 
claims 

Researcher/operator 
deeply involved in design 
and interpretation 

Diagnostic 
observability for AI 
selfhood 

/anatta exposes drive salience, 
memory counts, ranked memories, 
and injection preview 

Diagnostics are still 
developer-facing and 
require governance design 

Table 5. Validity Floor for Counting a Round as Anatta Evidence 
Evidence layer Required proof Why it matters 

Configuration Anatta enabled in correct workspace 
and mode 

Prevents false attribution 
to base model 

Pre-generation 
injection 

Prompt audit shows private interaction 
priorities entered the model prompt 

Proves the assembled 
state could influence 
response 

Post-turn 
recording 

Emotional annotation and/or 
relationship event written after 
response 

Proves the event became 
future memory material 

Retrieval Later context retrieves the relevant 
annotation with ranking evidence 

Proves memory became 
active, not merely stored 

Assembly Contributing annotation IDs enter 
EmergentTurnState 

Proves the memory 
shaped current self-state 

Behavior Later response changes consistently 
with retrieved memory and drive state 

Connects process 
evidence to performed 
self 
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